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Abstract: The #KaburAjaDulu hashtag phenomenon that has been widely discussed on 
platform X reflects the increasing anxiety of Indonesia's younger generation towards socio-
economic conditions and the direction of state policy. This research aims to assess public 
perception of the hashtag through sentiment analysis and topic modeling approaches. Data was 
collected from X users' tweets from May to June 2025. The methods used include text 
preprocessing, sentiment classification using Naïve Bayes, SVM, and K-NN algorithms, and 
topic modeling with Latent Dirichlet Allocation (LDA). The analysis results show that SVM 
performs best with 98.93% accuracy and optimal precision-recall balance. The Naïve Bayes 
model also shows competitive results but tends to favour positive classes. In contrast, K-NN 
showed the lowest performance due to its inability to overcome the curse of dimensionality in 
TF-IDF representation. LDA topic modeling identified three main themes: the employment 
crisis, distrust of institutions due to corruption, and the nationalism vs. migration dilemma. 
These three topics indicate deep psychological conflicts experienced by youth. The findings 
support the Self-Determination Theory, which emphasizes the importance of autonomy, 
competence, and social connection for individual attachment to the environment. Lack of 
fulfilment of these needs triggers migration intentions as a form of escape or adaptive strategy. 
This research provides a practical contribution to designing HR policies based on social data. 
In addition, this approach can be used as the basis for a real-time public perception monitoring 
system. 
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INTRODUCTION 

Indonesia has the fourth-largest number of social media users in the world, after China, 
India, and the United States. Most of the population uses social media as one of the leading 
platforms to voice their aspirations. Starting in February 2025, the hashtag #KaburAjaDulu 
began to appear on platform X, amid a wave of student and community protests against 
economic uncertainty, unemployment, and policies that were considered unfair (Marciano, 
2025). This reflects public disappointment with domestic socio-economic conditions. This 
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phenomenon reflects a moral contradiction of love for the homeland but a strong desire to seek 
opportunities and stability abroad. 

Starting from this phenomenon, it is essential to analyze the sentiment of tweets on X to 
understand the feelings of young people, whether leaving is an escape, a protest, or an 
adaptation strategy. To answer this question, an approach that can extract information from 
textual data is needed, namely through text mining. Text mining is a multidisciplinary process 
that aims to discover patterns, trends, and hidden knowledge from unstructured text data by 
utilizing techniques from various fields, such as Natural Language Processing (NLP), machine 
learning, and statistics (Aggarwal & Zhai, 2012). Text mining allows the aspirations and hidden 
meanings of tweets on platform X to be analyzed systematically and objectively (Xu et al., 
2022). Previous studies have demonstrated the effectiveness of NLP and machine learning 
methods in analyzing public opinion on platform X regarding national issues. For example, 
Zaqy et al. (2024) used Multinomial Naïve Bayes to analyze the sentiment of netizen comments 
on Rohingya refugees on Twitter and found a dominant negative signal of 81%. For example, 
Dey et al. (2016) successfully classified product review sentiment using a combination of Naïve 
Bayes and kNN. Meanwhile, Munawaroh & Alamsyah (2023) compared the performance of 
SVM, Naïve Bayes, and kNN in reading public opinion on the COVID-19 vaccine on Twitter 
and found that SVM excels in accuracy. Zerrouki et al. (2020) compared three algorithms, 
namely Naïve Bayes, kNN, and Decision Tree, for sentiment analysis on Twitter and found that 
Naïve Bayes and kNN provide high accuracy of nearly 90%. Furthermore, Huq et al. (2017) 
used Twitter data to compare the performance of SVM and kNN and found that both effectively 
recognized public sentiment, with kNN showing superiority in certain situations. These studies 
prove that text mining is an appropriate method to understand the dynamics of public opinion 
on social media, including sensitive and socio-politically charged issues. 

Few studies have specifically investigated the sentiment of Indonesians towards the 
hashtag #KaburAjaDulu on platform X. Previous studies focus on significant issues such as 
politics or disasters, and few have examined grassroots phenomena such as this hashtag. For 
example, Agustina & Hendry (2021) research is effective in sentiment classification but does 
not address the topic modeling or LDA aspects to explore the deeper context of tweets. On the 
other hand, (Wati & Yusuf, 2021)used LDA to identify topics from tweets. However, the focus 
was on different issues, such as public policy and did not involve integrated sentiment analysis. 
Research on #KaburAjaDulu in X has been conducted by Khristianto et al. (2025); this study 
used a qualitative Naïve Bayes approach for sentiment analysis. However, the study did not 
include topic modeling to explore the important issues behind the sentiment on the X platform. 

Based on the literature review of previous studies, there is a significant research gap, 
namely that no study has comprehensively integrated sentiment analysis and topic modeling to 
understand the discourse of migration aspirations among Indonesians, especially those 
expressed through the hashtag #KaburAjaDulu on the X platform. Departing from the literature 
gap, this research aims to answer the questions of how the perceptions of Indonesian youth 
towards the #KaburAjaDulu phenomenon can be classified into positive and negative sentiment 
categories using machine learning algorithms and what are the main topics that trigger the 
emergence of positive and negative sentiments behind the #KaburAjaDulu hashtag based on 
topic modeling analysis (LDA). 

This research will use a comprehensive text-mining methodology to answer these 
questions. The structure of this paper is divided into several parts: Data Collection, where tweets 
from platform X are obtained using crawling techniques; Data Pre-processing by cleaning and 
normalizing text; modeling by applying Naïve Bayes, SVM and K-NN machine learning 
classification algorithms for sentiment analysis, and using LDA for topic modeling; Model 
evaluation by comparing algorithm performance and analyzing sentiment results and topics 
found; and Visualization by presenting findings in visual form. The contribution of this research 
is expected to be in the form of mapping sentiments and topics underlying youth aspirations, 
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insight into the urgency of policies to maintain the talents of the nation's children, and analysis 
models that can be used for similar issues in the future. 

 
METHOD 

This research uses the CRISP-DM (Cross-Industry Standard Process for Data Mining) 
framework to build a structured and organized sentiment analysis procedure (IBM, 2021). 

 
 

Figure 1. Process Flow using CRISP-DM 
 
Business Understanding 

The #KaburAjaDulu hashtag phenomenon on social media reflects the passion and 
disillusionment among Indonesia's younger generation towards domestic conditions. 
Understanding the sentiment and context behind this hashtag is crucial for policymakers and 
stakeholders to identify root causes and formulate relevant solutions. Manual analysis of large 
volumes of data is inefficient and prone to bias. Therefore, this research aims to automate 
sentiment analysis and map the key topics behind the hashtags to provide objective insights into 
the perceptions of youth and the important topics they are voicing. 
 
Data Understanding  

The data used comes from social media X (Twitter), which collected tweets containing 
the hashtag #kaburajadulu. The data was collected using the social media API during the May 
- June 2025 time period. The total number of tweets obtained was 1,005, but adjustments were 
made to get tweets that were purely related to the phenomenon to be studied, namely 552 tweets. 
The language used is a mixture of Indonesian and English. 
 

Table 1. Sample Data Tweets on X 
User ID Tweets on X 

1,8602E+18 @azeotrop_ Ayo #kaburajadulu gaji luar negeri lebih menggoda 

1,17385E+18 Makin menjadi aja ini a little hope for #kaburajadulu mana orang tua 
juga mau support ya allah 

224904950 

Ga pengen ngomporin orang buat #KaburAjaDulu jalur WHV 
Australia tapi negara ini sudahlah dekat dari Indonesia gajinya 
melebihi US dan kalo di luar jam kerja kamu ga bakalan direcokin 
urusan kerjaan di WA. https://t.co/pRRwiNiNMQ 
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Data Preparation  
This stage involves collecting data obtained from data crawling on X and then cleaning 

and transforming the raw data into a format ready for modeling. The preprocessing steps that 
will be carried out include: 

a. Collecting tweet data in Excel form  
b. Removing irrelevant data by removing duplicate tweets, retweets without comments, 

links, irrelevant hashtags, and special characters such as emojis, symbols, or 
unnecessary punctuation. 

c. Tokenization involves breaking down each tweet into words (tokens). For example, 
"gaji luar negeri lebih menggoda" becomes ["gaji", "luar", “negeri”, “lebih”, 
“menggoda”]. 

d. Transform Cases involves converting all letters into lowercase letters to homogenize the 
data. For example, "Gaji," "GAJI," becomes "gaji". 

e. Filter Stopwords, which is removing words that do not have significant meaning for 
sentiment analysis, such as "dan", "di", "yang", etc. In this research, the stopwords used 
sastrawi stopwords. 

f. Feature Extraction, i.e. converting text into numerical representation using TF-IDF 
(Term Frequency-Inverse Document Frequency) or Word2Vec method to give weight 
to each word based on its relevance in the text. 

g. SMOTE is an oversampling technique used to rebalance the class distribution in the 
dataset by equalizing the number of positive and negative samples. 

 
Modeling  

This research will use three modeling approaches, namely classification to label 
sentiment, text classification to predict sentiment from testing data, and topic modeling using 
Python applications, as shown in Figure 2. Before modeling, the data is divided into 2, namely 
training data and testing data, with a division of 80. Labelling is done manually by researchers 
to create training data. The labels used are positive labels that contain positive comments 
towards Indonesia or show optimism about building the country and negative labels that show 
disappointment, frustration, or desire to leave Indonesia, as shown in Table 2. After that, in the 
prediction model stage, the labelled training data will be used to train the model. This research 
will compare the performance of three machine learning classification algorithms: Naïve Bayes, 
SVM and K-NN. The model will be trained to predict the sentiment label of the testing data. 
The topic modeling stage will be divided into three main topics often discussed in X tweets. 
 

Table 2. Results of Labeling on Tweets 
Tweets on X Entiment Label 

Kalo saat ini di Nusantara ada two state Indonesia dan Hindia 
Belanda gw jamin mayoritas warganya lebih pilih ikut pemerintahan 
Hindia Belanda daripada pemerintahan Indonesia Sekarang aja di 
bawah pemerintahan Indonesia pada pingin KaburAjaDulu 

Positive 

emang lu udah ngasih apa kenegara gw rasa lu cuma beban negara 
mening lu yang kaum lu sering koar koar eh lupa yang diluar juga 
pada balik 

Negative 
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Figure 2. Prediction Model using Naïve Bayes, SVM, and K-NN Algorithms and Topic modeling using 
LDA 

Evaluation 
Evaluation is done to measure the performance of the built model and validate its 

reliability. The review is done by looking at the confusion matrix to calculate each algorithm's 
accuracy, precision, and recall. After that, the metrics from Naïve Bayes, SVM and K-NN will 
be compared to determine which algorithm is most accurate in classifying netizen sentiment. 
Meanwhile, the evaluation of LDA is seen from the topics generated and then interpreted.  
 
Deployment  

In the deployment stage, sentiment analysis and topic modeling results will be visualized 
to provide actionable insights into the perceptions and topics behind the #KaburAjaDulu desire, 
which will be discussed in depth in Results and Discussion. 
 
RESULTS AND DISCUSSION 

After training the model using 448 tweets consisting of 376 positively labelled tweets and 
72 negatively labelled tweets and then performing the SMOTE technique to develop the 
distribution of positive and negative sentiments, the performance evaluation results of each 
algorithm are obtained based on accuracy, precision and recall metrics. 
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Figure 3. Confusion Matrix of Naïve Bayes Algorithm 
 

Figure 4. Confusion Matrix of SVM Algorithm 
 

Figure 5. Confusion Matrix of K-NN Algorithm 
 

Table 3. Visualization of Algorithm Comparison 

Algorithm Accuracy Precision Recall 
(%) 

Naïve Bayes 97,34 97,47 97,34 
SVM 98,93 98,95 98,93 
KNN 59,84 77,72 59,84 

 

https://dinastipub.org/DIJEMSS


https://dinastipub.org/DIJEMSS,                                                                             Vol. 7, No. 1, October  2025 

243 | P a g e 

The evaluation results show that the three algorithms have very different performance: 
Naïve Bayes recorded 97.34% accuracy, 97.47% precision, and 97.34% recall, while SVM 
excelled the highest with 98.94% accuracy, 98.96% precision, and 98.94% recall. In contrast, 
KNN has a low performance with an accuracy of only 59.84%, precision of 77.73%, and recall 
of 59.84%. From the confusion matrix, it can be seen that Naïve Bayes and SVM capture both 
positive and negative classes equally. At the same time, KNN successfully detects negative 
classes where negative recall is 100% but fails to recognize many positive labels where positive 
recall is 20%. This finding is relevant to the TF-IDF-based tweet analysis, where linear models 
such as Naïve Bayes and SVM are more stable. In contrast, distance-based methods such as 
KNN tend to be biased towards the dominant class due to the texture distribution of the features 
(Le & Nguyen, 2015). 

Naïve Bayes shows high and balanced performance, which is especially suitable for short 
texts such as tweets. This aligns with research from Transiska et al. (2024), who recorded 
96.55% accuracy when analyzing opinions about ChatGPT using Naïve Bayes on Twitter. 
Research on the sentiment of the COVID-19 vaccine also shows that the accuracy of Naïve 
Bayes reaches 73%-91 (Ressan & Hassan, 2022; Villavicencio et al., 2021). A similar 
implementation was also used for sentiment analysis of presidential elections with Naïve Bayes, 
resulting in 96.63% accuracy (Tamara et al., 2023). This consistency is supported by global 
literature that states Naïve Bayes is effective for text classification with sparsity data (Liu et al., 
2013). 

SVM appears to be the most dominant, with almost 99% accuracy. Global studies such 
as Mujahid et al. (2021) and Pavitha et al. (2022) show SVM with TF-IDF getting an accuracy 
of 90 - 98%. The SVM approach also successfully classified COVID-19 tweets and movies 
recommendation with accuracy in the 91-98% range (Nurkholis et al., 2022; Rahardi et al., 
2022). The superiority of SVM is explained by its ability to maximize margins in high-feature 
spaces, so it is often the first choice for short and high-dimensional text (AlBadani et al., 2022; 
Bansal et al., 2022). 

KNN shows low performance, with an accuracy of only 59.84% and a very low positive 
recall of 20%. These results are consistent with the study Bansal et al. (2022), where KNN has 
an accuracy below Naïve Bayes tweet classification. Aprilianti et al. (2025) also noted that 
KNN precision was only 66.9%, while Naïve Bayes was 73.2%. The vulnerability of KNN to 
the curse of dimensionality in TF-IDF space causes it to fail to recognize minority classes 
effectively (Pestov, 2011; Raeisi Shahraki et al., 2017). 

When compared, SVM is the best algorithm based on 98.94% accuracy and class balance. 
Naïve Bayes excels as a highly efficient option with fast computation and performance close to 
SVM, making it ideal for real-time monitoring. Global research supports this, with studies 
Mujahid et al. (2021) and Transiska et al. (2024) illustrating the reliability of Naïve Bayes 
implementation. In contrast, KNN is not recommended due to its bias towards majority classes 
and sensitivity to feature sparsity. Therefore, SVM becomes the primary model with Naïve 
Bayes as a practical alternative. At the same time, KNN is not feasible for sentiment analysis 
of X tweets based on existing empirical evidence. This finding aligns with recent studies that 
consistently rank SVM  and Naïve Bayes above KNN in both accuracy and robustness on short-
text datasets. Considering the dynamic nature of social media content, selecting a model with 
strong generalization and minimal tuning like SVM is critical for sustainable deployment (Defit 
et al., 2024; Israt Jahan et al., 2024). 

 
Table 4. Topic Modeling Visualization Result using LDA 

Topic Word 
0 Job, nasionalisme, bobrok 
1 Hati, koruptor, bilang 
2 Negara, Indonesia, kaburajadulu 
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Latent Dirichlet Allocation (LDA) results on #KaburAjaDulu tweets revealed three main 
topics: job, nationalism, and dilapidated; heart, corruptor, and said; country, Indonesia, and 
kaburajadulu. The first topic shows the young generation's frustration with the inability of the 
national employment system to meet the expectations of a decent career while still maintaining 
the values of love for the country. This finding is similar to a study Yunitasari et al. (2021) 
which found that disappointment with domestic job opportunities triggered migration thoughts 
among millennials. The second topic, showing an emotional reaction to the issue of corruption, 
is in line with the findings of Zulqarnain et al. (2022), who highlighted that moral damage by 
corruptors could trigger collective alienation for the younger generation. Meanwhile, the third 
topic, which links the state, Indonesia, and escapes, illustrates the dilemma of nationalism 
versus the desire to release attachment to the state. This aligns with the rising phenomenon of 
human capital flight in Indonesia, where many young professionals, especially those aged 25-
35, choose to change citizenship or work abroad. 

The interpretation of these topics has strong relevance to HR development theory, 
particularly Self-Determination Theory (SDT) by Ryan and Deci (1985), which asserts that 
individuals need autonomy, competence, and emotional connectedness to remain performant 
and loyal. Identity and motivational conflicts arise When these needs are unmet due to unfair 
career competition, corruption that undermines trust, and unsupportive public policies, as seen 
through the #KaburAjaDulu hashtag. Research by (Indrawati & Kuncoro, 2021) supports this 
view, finding that efficient human capital development requires psychological justice and 
empowerment, not just technical training. Therefore, the #KaburAjaDulu phenomenon can be 
interpreted as a signal for governments and organizations to focus on improving technical skills 
and creating a fair and empowering social and work environment. In addition, brain drain theory 
warns that systemic failures in meeting HR needs will encourage talent leakage, which is now 
increasingly evident in the #KaburAjaDulu trend. These three topics not only map the public 
conversation but also present the state of the art of Indonesia's problematic HR development, 
namely the need for policy design and organizational culture that facilitates three basic 
psychological needs so that young people feel engaged, motivated, and have a confident future 
in the country. 
 
CONCLUSION 

Based on the results of sentiment analysis and topic modeling of tweet data on platform 
X using the hashtag #KaburAjaDulu, this study found that the perceptions of Indonesian youth 
towards the phenomenon can be effectively classified into two main sentiment categories: 
positive and negative through the application of machine learning algorithms. Among the three 
algorithms tested, SVM proved to be the most balanced and consistent model, with 98.93% 
accuracy, 98.95% precision, and 98.93% recall, making it the most appropriate algorithm for 
real-time classification of short texts typical of social media. SVM also performed well but had 
weaknesses in correctly classifying positive sentiment or maintaining balanced precision and 
recall. In contrast, the K-Nearest Neighbors (KNN) algorithm showed the lowest performance 
with an accuracy of only 59.84% due to its sensitivity to data distribution and its inability to 
overcome the curse of dimensionality in TF-IDF representation. 

Through topic modeling analysis using LDA, three main topics were identified behind 
the #KaburAjaDulu hashtag: (1) disappointment with the national employment system (‘job’, 
‘nationalism’, ‘dilapidated’); (2) emotional anger toward corruption and social inequality 
(‘heart’, ‘corruptor’, ‘said’); and (3) identity conflict between love for the country and the desire 
to leave (‘country’, ‘Indonesia’, ‘kaburajadulu’). n and social inequality with the keywords 
heart, corruptor, said; and identity conflict between love for the country and the desire to leave 
with the keywords country, Indonesia, kaburajadulu. These three topics show that negative 
sentiments are triggered mainly by a crisis of trust in state institutions and systemic failures to 
fulfil young people's basic needs for a career, justice and a future. On the other hand, positive 
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sentiments emerge from Indonesian youth who see migration as an adaptive strategy and a form 
of seeking a better quality of life, not merely an escape. 

This finding confirms the relevance of the Self-Determination Theory, which states that 
when autonomy, competence, and social connectedness are not fulfilled in the domestic system, 
there will be a strong urge to seek actualization space abroad. Thus, the #KaburAjaDulu 
phenomenon is not just a viral hashtag but an essential indicator for governments and 
organizations to evaluate the success of HR development strategies, especially in responding to 
the aspirations and dissatisfaction of Indonesia's younger generation.. 
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