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Abstract: This study aims to analyze the role of business analysis capability in improving
organizational agility and performance in manufacturing industry in Batam City, by
considering information quality and innovation capability as mediating variables. Using
descriptive quantitative approach, data were obtained from 274 respondents through
questionnaires and analyzed using Smart PLS. The results showed that business analysis
capability has a significant influence on information quality and innovation capability, which
in turn improve organizational agility. Organizational agility is shown to contribute positively
to organizational performance, especially in responding to market changes quickly and
efficiently. This research confirms the importance of developing business analysis capabilities
integrated with information technology and strategic innovation to support the competitiveness
of the manufacturing industry in the midst of global market dynamics.
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INTRODUCTION

In the era of advanced globalization, the manufacturing industry faces increasingly
complex competitive dynamics. Transformations triggered by the technological revolution,
digitalization, and changing global market needs have forced companies to continuously adapt
to remain relevant and competitive (Kumar et al., 2024). Beyond the requirement to meet
market demands with high efficiency, manufacturing companies must also respond to
unforeseen changes such as demand fluctuations, emerging technologies, and changes in
government policies and regulations (Abdallah et al., 2021). To accelerate economic growth,
Indonesia has adopted an Industry 4.0 strategy, which includes the establishment of the
Indonesia Digital Industry Center 4.0 (Wolok et al., 2023). This initiative is part of the effort
to enhance the manufacturing sector’s contribution to the national economy, which also serves
as the backbone of the ASEAN economy, contributing 20.27% to the regional GDP (Wolok et
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al. (2023); Saputra et al. (2023)). As the largest economy in Southeast Asia, Indonesia faces
the challenge of ensuring its manufacturing sector remains competitive on the global stage,
including in Batam City.

According to BP Batam (2024), Batam City plays a strategic role in supporting the
growth of Indonesia's national manufacturing sector. As a leading industrial area, Batam has
experienced rapid development since the 1990s, with the number of industrial zones increasing
from 9 in 1997 to 31 in 2024. Positioned as one of Indonesia's premier industrial hubs, Batam
has become a key player in driving the growth of the national manufacturing sector. Thanks to
its strategic location along international borders, Batam has become home to various export-
oriented manufacturing companies, establishing itself as one of the main pillars driving the
national economy (Mandagie et al., 2024). According to Haryo Limanseto (2023), a
spokesperson for the Coordinating Ministry for Economic Affairs of Batam City, this growth
has made a significant contribution to both the local and national economy. In 2022, Batam’s
economic growth reached 6.84%, exceeding the national growth rate of 5.31%. However, to
remain competitive and relevant, manufacturing companies in Batam need to develop strategies
that are not only reactive but also proactive, data-driven, and innovative to support more
strategic decision-making.

Organizational performance reflects a company's ability to achieve its strategic
objectives effectively and efficiently. It is a critical factor in the success of manufacturing
companies, influenced by various elements. The implementation of strategic management
positively contributes to performance improvement by addressing strengths, weaknesses,
opportunities, and threats (Trisusanti et al., 2023). In the context of the manufacturing industry,
organizational performance serves as a key determinant of success amidst intense competition
and dynamic market changes. One of the primary dimensions of organizational performance is
financial growth, which includes revenue increases, net profit growth, cost reduction, and
effective working capital management (Bidin et al., 2021). Additionally, operational efficiency
is a vital indicator, requiring companies to maximize output with minimal resources through
cost-effective production processes, productivity enhancement, and technology optimization
(Jillali & Belkasseh, 2022).

One approach that companies can adopt is the development of business analytics
capability. Business analytics capability is crucial for organizations seeking a competitive
advantage in today’s data-driven environment (Komolafe et al., 2024). can inform decision-
making. By leveraging analytics technologies, companies can uncover hidden patterns and
trends in data, predict changes in market needs, and optimize overall business processes
(Madhal et al. (2020); Komolafe et al. (2024)). Research by Ibeh et al. (2024) reviews various
analytics techniques, such as descriptive, predictive, and prescriptive analytics, which
empower organizations to make accurate decisions and optimize operations. Furthermore, Patil
& Kulkarni (2022) emphasize that business analytics fosters innovation and enhances
organizational performance by enabling leaders to predict trends and identify opportunities.
Consequently, companies that effectively utilize business analytics can gain a significant
competitive advantage, particularly in uncertain business environments (Alanudin et al., 2024).

Business analytics capability, supported by flexible infrastructure, has directly
contributed to improving organizational agility, which is critical for adapting to market changes
and enhancing company performance (Chen & Siau (2020); Alaskar (2023)). Organizational
agility refers to a company’s ability to respond quickly and effectively to external changes,
recognized as a key success factor in navigating dynamic markets (Desalegn et al., 2024).
According to research by Nguyen et al. (2024) agile organizations are more likely to adapt to
market changes, positively influencing organizational performance, accelerating innovation,
and improving operational efficiency. However, the impact of business analytics capability on
organizational agility is closely linked to mediating variables such as information quality and
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innovation capability (Alaskar (2023); Elazhary et al. (2023)). These findings highlight the
complex interaction between technological, organizational, and environmental factors in
driving organizational agility, underscoring the need for a holistic approach to leveraging
business analytics capability to enhance organizational performance and adaptability in
dynamic markets.

Information quality is a critical element in the decision-making process. Data generated
through business analytics must meet specific characteristics such as accuracy, relevance,
consistency, and accessibility to be transformed into useful information (Khong et al., 2023).
High-quality information enables better decision-making and supports innovation processes
within organizations (Awulor et al., 2022). Good information quality enhances an
organization’s effectiveness in responding to market opportunities and challenges (Putri et al.,
2023). On the other hand, innovation capability provides companies with the ability to create
solutions that are relevant to market needs (A. M. Silva, 2020). For instance, a study by
Anderson et al. (2022) demonstrated how innovation based on analytical insights can optimize
internal processes and support strategic decision-making to improve competitiveness.
Similarly, Komolafe et al. (2024) highlighted the importance of innovation in emerging
markets, where business analytics plays a crucial role in predicting market trends and
identifying new business opportunities for companies. Furthermore, research by Ochuba et al.
(2024) indicated that integrating business analytics into business models enables companies to
gain deeper insights into customer needs, improve operational processes, and adapt more
quickly to market changes, ultimately supporting sustainable growth. Thus, innovation driven
by insights from business analytics makes a significant contribution to an organization's
success in maintaining its competitiveness in dynamic markets. The manufacturing industry
context in Batam City offers an intriguing opportunity to examine the relationships between
business analytics capability, organizational agility, information quality, innovation capability,
and organizational performance. With business orientations that span both domestic and
international markets, manufacturing companies in Batam face various challenges and
opportunities that require adaptive and innovative strategic approaches. Therefore, this study
aims to investigate and analyze the relationships between: (1) business analytics capability and
information quality, (2) business analytics capability and innovation capability, (3) information
quality and organizational agility, (4) innovation capability and organizational agility, and (5)
organizational agility and organizational performance.

Business
Analytics
Capability

Source: WANASIDA et al. (2021)
Figure 1. Research Model Framework

Based on the research model above, the following research hypothesis is formed:
H1: Business analytics capability significantly influenced information quality.
H2: Business analytics capability significantly influenced innovation capability.
H3: Information quality significantly influenced organization agility.

H4: Innovation capability significantly influenced organization agility.

H5: Organization agility significantly influenced organization performance.
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METHOD

This research adopts a descriptive quantitative approach and is carried out within
manufacturing companies located in Batam City. The primary data required for the study were
gathered using a questionnaire designed in Google Forms (G-Form). The questionnaire
included a series of structured questions targeting the variables under investigation, namely
Business Analytics Capability, Information Quality, Innovation Capability, Organizational
Agility, and Organizational Performance. The distribution of the questionnaire employed a
purposive sampling method, where the respondents, consisting of employees and managers,
were selected based on specific criteria, particularly relevant work experience. This criterion
was applied to ensure the accuracy and reliability of the data obtained.

In line with the recommendations of Hair et al. (2019), a minimum sample size of 250
respondents was established. This guideline adheres to the rule of requiring a sample size at
least 10 times greater than the number of indicators used in the research model to achieve robust
statistical analysis. The data collected were subsequently analyzed using Smart PLS (Partial
Least Squares), which facilitated a comprehensive examination of both the outer model and the
inner model.

The outer model analysis focused on assessing the validity and reliability of the
constructs, ensuring that the measurement indicators accurately represent the variables being
studied. Meanwhile, the inner model analysis was utilized to evaluate the relationships and
interactions between the latent variables, both directly and indirectly. This analytical approach
provided detailed insights into the factors influencing organizational performance within the
manufacturing sector, highlighting the interplay of key capabilities and organizational
attributes.

RESULTS AND DISCUSSION

Based on the results of the questionnaire distributed to respondents working in the
manufacturing industry in Batam City, data was collected from 274 respondents. Of this total,
the majority were male, accounting for 146 respondents, while female respondents numbered
128. The age group of 22-27 years dominated participation in the questionnaire, with 98
respondents. Additionally, most respondents had a bachelor's degree, totaling 180 individuals,
indicating a relatively high level of education among the workforce in this sector. The
manufacturing industry in this study was categorized into five main sectors: food and
beverages, textiles and apparel, electronics, furniture, and automotive. Respondents from the
textiles and apparel sector accounted for the highest number, with 73 respondents, followed by
electronics with 61 respondents, furniture with 48 respondents, automotive with 47
respondents, and food and beverages with 45 respondents. This categorization reflects the
diversity of the manufacturing industry in Batam City and the distribution of the workforce
across its various sectors.

In terms of job positions, most respondents held the position of officer, representing 61
respondents. Regarding work experience, the majority of respondents had 1-3 years of
experience, totaling 129 individuals, indicating that the workforce with early to mid-level
experience is quite dominant. Meanwhile, most respondents worked in companies that had
been operating for 6-9 years, totaling 109 respondents. This data provides deeper insights into
the demographic profile and characteristics of the workforce in Batam City's manufacturing
industry. This information is highly valuable for understanding the labor structure, sectoral
distribution, work experience, and educational background of the workforce in the region.
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Tabel 1. Respondent Demographics

Characteristics Details Quality Percentage
Gender Male 146 53.3%
Female 128 46.7%
Age 18-22 Years 43 15.7%
22-27 Years 98 35.8%
28-32 Years 83 30.3%
>32 Years 50 18.2%
Educational Background High School 46 16.8%
Associate's Degree 43 15.7%
Bachelor's Degree 180 65.7%
Master's Degree 5 1.8%
Types of Manufacturing Food and Beverages 45 16.4%
Industries
Textiles and Apparel 73 26.6%
Electronics 61 22.3%
Furniture 48 17.5%
Automotive 47 17.2%
Job Profile Manager 25 9.1%
Supervisor 45 16.4%
Operator 58 21.2%
Technician 52 19%
Engineer 33 12%
Officer 61 22.3%
Work Experience <1 Year 27 9.9%
1-3 Year 129 47.1%
4-6 Year 93 33.9%
> 6 Year 25 9.1%
Company Establishment 1-3 Year 23 8.4%
Duration
4-6 Year 63 23%
6-9 Year 109 39.8%
>9 Year 79 28.8%

Source: Data by author (2025)

According to Hair et al. (2019), data is considered free from Common Method Bias
(CMB) or Common Method Variance (CMV) if the Variance Inflation Factor (VIF) value is
less than 5. This indicates that the data is not influenced by CMB or CMV, allowing the analysis
of Smart PLS calculation results to proceed without obstacles. The data above shows that the
VIF values are below 5, confirming that the calculation can continue.
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Tabel 2. CMB/CMV Test Result

Indicator VIF
BAC1 1.500
BAC2 1.827
BAC3 1.535
BAC4 1.669
BAC5 1.774

IC1 1.818
IC2 1.547
IC3 1.433
IC4 1.560
IC5 1.727
1Q1 1.639
1Q2 1.599
1Q3 1.497
1Q4 1.551
1Q5 1.884
OA1l 1.557
OA2 1.506
OA3 1.510
OA4 1.437
OA5 1.642
OP1 1.877
OP2 1.597
OP3 1.406
OP4 1.685
OP5 1.697

Source: Data by author (2025)

Outer Model Test
Validity Test

Hair et al. (2019) stated that the rule of thumb for outer loading is that values greater than
0.6 are considered valid, indicating that the corresponding indicators effectively represent the
construct being measured. Based on the results above, all outer loading values meet this
threshold, demonstrating that the measurement model is valid and the indicators reliably
capture the intended constructs.

Tabel 3. Outer Loadings Test Result

Indicator BusinessA_n_aIytics Informz_:\tion Inovat_iqn Organization Organ_igation
Capability Quality Capability Performance Agility
BAC1 0.737
BAC2 0.799
BAC3 0.724
BAC4 0.763
BAC5 0.758
IC1 0.812
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IC2
IC3
IC4
IC5
1Q1
1Q2
1Q3
1Q4
1Q5

0Al

OA2

OA3

OA4

OA5

oP1

oP2

OP3

OP4

OP5

0.772
0.733
0.727
0.743
0.801

0.713
0.694
0.729
0.770

0.804
0.756
0.700
0.777
0.766

0.758
0.721
0.748
0.700
0.776

Source: Data by author (2025)

The rule of thumb for assessing convergent validity based on AVE is that the AVE value
should be greater than 0.5 (Ghozali, 2021). Based on the results above, it can be concluded that
the data meets the convergent validity criteria as the AVE value is above 0.5 and its valid.

Tabel 4. Validity Test Result

Average

. Variance

Indicator Extracted
(AVE)

Business Analytics
Capability 0.572
Information Quality 0.571
Inovation Capability 0.555
Organization

Performance 0.580
Organization Agility 0.549

Source: Data by author (2025)

Discriminant validity refers to the principle that indicators (manifest variables) of
different constructs should not exhibit strong correlations with one another. It can be evaluated
using three criteria, and if any of these criteria are fulfilled, it suggests that the data meets the
requirements for discriminant validity. In this test result, only the cross-loading criterion meets
the requirements for discriminant validity. The cross-loading values indicate the correlation of
each indicator. Cross-loading requires that each indicator should cluster under its respective
variable, with a minimum value of 0.7 (Ghozali, 2021). Based on the table, it is evident that all

indicators show a correlation value of at least 0.7.
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Tabel 5. Discriminant Validity Test Result

Business . . - N
Indicator Analytics Cltgovit'll('m Inform:_sltlon Organ_lz_atlon Organization
Capability pability Quality Agility Performance
BAC1 0.737 0.624 0.646 0.602 0.624
BAC2 0.799 0.648 0.735 0.590 0.633
BAC3 0.724 0.616 0.646 0.614 0.623
BAC4 0.763 0.636 0.667 0.570 0.599
BAC5 0.758 0.546 0.671 0.463 0.500
IC1 0.658 0.812 0.682 0.712 0.721
IC2 0.550 0.713 0.581 0.626 0.622
IC3 0.554 0.694 0.594 0.631 0.609
IC4 0.655 0.729 0.641 0.605 0.636
IC5 0.603 0.770 0.598 0.644 0.640
1Q1 0.660 0.685 0.772 0.673 0.682
1Q2 0.630 0.632 0.733 0.606 0.586
1Q3 0.670 0.574 0.727 0.541 0.524
1Q4 0.700 0.626 0.743 0.617 0.625
1Q5 0.703 0.624 0.801 0.536 0.594
OAl 0.568 0.625 0.601 0.758 0.689
OA2 0.517 0.644 0.536 0.721 0.637
OA3 0.533 0.681 0.603 0.748 0.676
OA4 0.607 0.600 0.614 0.700 0.639
OA5 0.561 0.653 0.570 0.776 0.686
OP1 0.622 0.688 0.641 0.705 0.804
OP2 0.601 0.672 0.612 0.682 0.756
OP3 0.569 0.622 0.571 0.679 0.700
OP4 0.616 0.685 0.634 0.698 0.777
OP5 0.591 0.637 0.584 0.655 0.766

Reliability Test

Source: Data by author (2025)

Reliability testing is conducted to demonstrate the consistency and accuracy of the
instrument in measuring constructs. In PLS-SEM, reliability is assessed using two methods:
Cronbach’s Alpha and Composite Reliability. According to Hair et al. (2019) the rule of thumb
for this test is that the Cronbach’s Alpha and Composite Reliability values for each construct
should be greater than 0.6. Based on the results below, it can be concluded that both Cronbach’s
Alpha and Composite Reliability have values greater than 0.7, indicating that all constructs are

reliable.

Tabel 6. Composite Reliability Test Result

Indicator Cronbach’s Composite
Alpha Reliability
Business
Analytics 0.813 0.870
Capability
Informgtlon 0.812 0.869
Quality
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Inovation
Capability 0.798 oot
Organization 0.818 0.873
Performance
Organ'lz'atlon 0.794 0.859
Agility

Source: Data by author (2025)

Inner Model Test

The influence between variables is considered significant if it meets the criteria outlined
in the Rule of Thumb by Hair et al. (2019), which states that the T-statistic must be greater than
1.96 and the P-value must be less than 0.05. The results presented provide a direct evaluation
of whether there is an influence between the variables being studied. The determination of this
influence is based on values obtained from bootstrapping calculations.

Tabel 7. Path Coefficients Test Result
Sample T Statistics P

Hypothesis Mean (M) (IO/STDEV]) values Conclusion

Business Analytics Capability -> 0.890 34230 0000  Significant
Information Quality

Business Analytics Capability -> 0.814 15.176 0.000  Significant
Inovation Capability

Information Quality -> Organization 0.233 2.916 0.004 Significant

Agility
Inovation Capability -> L
Organization Agility 0.668 9.720 0.000 Significant
Organization Agility -> 0.895 29.393 0.000  Significant

Organization Performance

Source: Data by author (2025)

Based on the bootstrapping calculation results above, it can be concluded that all
influences between variables are significant as they meet the Rule of Thumb criteria.

H1: Business analytics capability significantly influenced information quality

The relationship between Business Analytics Capability and Information Quality is very
strong, with a sample mean (M) value of 0.890, indicating a positive relationship. With a T-
statistic of 34.230 and a P-value of 0.000, the relationship between business analytics
capability and information quality in the manufacturing industry in Batam City is significant.

H2: Business analytics capability significantly influenced innovation capability

The relationship between Business Analytics Capability and Innovation Capability
shows a positive correlation with a sample mean (M) of 0.814. This relationship is significant,
as indicated by a T-statistic of 15.176 and a P-value of 0.000. This demonstrates that the
relationship between Business Analytics Capability and Innovation Capability in the
manufacturing industry in Batam City has a significant impact.

H3: Information quality significantly influenced organization agility

The relationship between Information Quality and Organization Agility shows a positive
correlation with a sample mean (M) of 0.233. This relationship is significant, as indicated by a
T-statistic of 2.916 and a P-value of 0.004. This demonstrates that the relationship between
Information Quality and Organization Agility in the manufacturing industry in Batam City has
a significant impact.
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H4: Innovation capability significantly influenced organization agility

The relationship between Innovation Capability and Organization Agility is very strong,
with a sample mean (M) value of 0.668, indicating a positive relationship. With a T-statistic of
9.720 and a P-value of 0.000, the relationship between Inovation Capability and Organization
Agility in the manufacturing industry in Batam City is significant.

H5: Organization agility significantly influenced organization performance

The relationship between the last variables also shows a positive correlation between
Organization Agility and Organization Performance, with a sample mean (M) of 0.895. The
relationship between Organization Agility and Organization Performance in the manufacturing
industry in Batam City is significant, with a T-statistic of 29.393 and a P-value of 0.000.

In assessing a structural model with PLS, it is important to examine the R-Square values
for each endogenous latent variable as an indicator of the model's predictive power. According
to the criteria set by Hair et al., the R-Square values are categorized into three groups: a weak
category for values greater than 0.25, a moderate category for values greater than 0.50, and a
strong category for values greater than 0.75. These categories help evaluate how well the model
explains the variance in each endogenous variable, with higher R-Square values indicating
stronger explanatory power.

Tabel 8. Square Test Result

Variabel R
Square
Information Quality 0.794
Inovation Capability 0.661
Organization Performance 0.808
Organozation Agility 0.764

Source: Data by author (2025)

Based on the results above, the R-square value for the latent variable information quality
is 0.794, which falls into the "strong" category. This indicates that the business analytics
capability can explain 79.4% of the variability, while 20.6% is explained by other unmeasured
variables. The R-square value for the latent variable innovation capability is 0.661, which falls
into the "moderate” category. This indicates that business analytics capability can explain
66.1% of the variability, while 33.9% is explained by other unmeasured variables. The R-
square value for organization performance is 0.808, which falls into the "strong™ category.

This indicates that the variability in organization performance can be explained by
organization agility by 80.8%, with 19.2% explained by other unmeasured variables. The R-
square value for organization agility is 0.764, which also falls into the "strong" category. This
indicates that the variability in organization agility can be explained by information quality and
innovation capability by 76.4%, with 23.6% explained by other unmeasured variables.The
Standardized Root Mean Square Residual (SRMR) measures the difference between the
observed correlation and the correlation matrix implied by the model.

It acts as an indicator of how well the correlation matrix matches the model. According
to Hu & Bentler (1999), an SRMR value under 0.1 indicates a good fit between the model and
the data. The results show that the SRMR value meets this threshold, confirming that the model
fits the data well.

2663 |Page


https://dinastipub.org/DIJEMSS

https://dinastipub.org/DIJEMSS, Vol. 6, No. 4, April 2025

Tabel 9. SRMR Test Result

Saturated Estimated
Model Model
SRMR 0.063 0.074

Source: Data by author (2025)

Discussion
The Effect of Business Analytics Capability on Information Quality

Research highlights that Business Analytics Capability has a significant influence on
Information Quality. Robust data analytics capabilities empower organizations to convert raw
data into high-value, quality information essential for strategic decisions (Madhala et al.
(2024); Khong et al. (2023)). The quality of data plays a fundamental role in building these
capabilities and driving business performance, with key elements such as accuracy, reliability,
and timeliness being particularly important (Sazu & Jahan (2022); Khong et al. (2023)).
However, challenges such as data incompleteness can lead to inaccurate predictive analyses
(Nugroho, 2023). To address these issues, organizations must implement robust data
governance frameworks and foster a data-driven culture (Khan, 2024). The application of data
analytics spans various sectors, including finance, healthcare, and human resources, with future
trends focusing on real-time analysis, machine learning integration, and cognitive analytics
(Sazu & Jahan, 2022). Despite challenges in data quality, privacy, and infrastructure, data
analytics remains a powerful tool for optimizing operations and driving strategic decision-
making (Sazu & Jahan, 2022).

The statistical evidence supporting this relationship, such as a high sample mean and
significant T-statistics reinforces the idea that investing in analytics infrastructure and
competencies is essential. In practice, this means leveraging tools like data visualization
software, predictive analytics, and advanced data integration techniques to enhance the
completeness and consistency of information. For industries like manufacturing in Batam City,
high information quality derived from robust analytics capabilities leads to better operational
efficiency and more informed business decisions, creating a competitive advantage in the
market.

The Effect of Business Analytics Capability on Innovation Capability

Business analytics capabilities have a profound impact on innovation capability. They
allow companies to utilize data driven insights for innovative solutions and better decision
making (Alaskar (2023); Anderson et al. (2022)). Capabilities in process and management
innovation are essential for building big data analytics abilities, which extend beyond simple
technological investments (Henao-Garcia et al., 2021). Business analytics improve
environmental scanning and foster a data driven culture, both of which are key drivers of
enhanced innovation results (Anderson et al., 2022). By utilizing data-driven analytics,
organizations can make more informed decisions, reduce uncertainty in innovation processes,
and accelerate the time-to-market for new initiatives. Accurate and relevant data offer clear
views of market trends, customer behaviors, and industry needs, which, in turn, support the
development of more effective innovation strategies (JAHAN & SAZU, 2022).

Data analytics and big data capabilities are essential for driving business innovation and
growth across various industries. These tools enable organizations to enhance their product
development workflows, from ideation to market release, by offering predictive insights into
consumer preferences and market trends (Benjamin et al., 2024). Business analytics promotes
innovation by refining environmental scanning and fostering a data-centric culture, both of
which are critical for creating impactful new products (Anderson et al., 2022). The growth of
big data analytics capabilities is supported by innovations in processes and management,
highlighting that it requires more than just technological investments (Henao-Garcia et al.,
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2021). Effectively utilizing big data for business advancement necessitates strategies for proper
data gathering, processing, analysis, and visualization, while also addressing challenges like
data privacy and security (Ochuba et al., 2024). Embracing these data-driven strategies enables
companies to gain valuable insights, optimize operations, and maintain a competitive
advantage in their markets.

The statistical evidence, including high sample means and significant T-statistics,
emphasizes that investing in business analytics infrastructure is key to fostering innovation. By
utilizing tools like predictive modeling and real-time data processing, organizations can
generate valuable insights that reduce uncertainty and speed up innovation. In Batam City's
manufacturing sector, strong analytics capabilities enable businesses to stay ahead of market
trends, improve product development, and make informed strategic decisions. This leads to
enhanced innovation, better operational efficiency, and a stronger competitive position.

The Effect of Information Quality on Organization Agility

The effect of information quality on organizational agility is a key factor in today's fast-
paced business world. High-quality data plays a crucial role in improving the accuracy,
reliability, and timeliness of decision-making within data-driven organizations. Well-designed
information systems foster collective intelligence and enhance organizational agility by
promoting collaboration, knowledge sharing, and quick adaptability to market shifts
(Mignenan et al., 2024). Research shows that business intelligence systems are strongly linked
to agility in sensing, application, and decision-making (Hamdan & Rahman, 2021).
Furthermore, the evolution of organizational agility research highlights its significance in
shaping organizational responses to various challenges, including information systems,
business intelligence, market orientation, and strategic alignment (Roblek et al., 2022). These
findings emphasize the importance of investing in adaptable and collaborative information
systems to boost performance and stay competitive in rapidly changing environments.

Accurate and high-quality information is fundamental for effective decision-making
within organizations, enabling them to adapt to rapidly changing environments and make well-
informed choices (Khong et al. (2023); Awulor et al. (2022)). Management information
systems play a crucial role in delivering precise and timely data, which is essential for
maintaining efficient business processes (Awulor et al.,, 2022). To stay aligned with
technological progress, organizations must capitalize on the extensive data available online and
through social media platforms to inform strategic decision-making (Putri et al., 2023).
However, the sheer volume of data presents significant challenges in preserving information
quality (1Q), particularly for legacy organizations that predate the digital era (Struijk et al.,
2023). By implementing 1Q strategies that integrate advanced technologies with strong
governance frameworks, organizations can support their digital transformation efforts,
minimize resistance to change among employees, and improve overall operational efficiency
(Struijk et al.,, 2023). In conclusion, maintaining high-quality information is vital for
organizations to remain flexible and make impactful decisions in uncertain and complex
environments.

Statistical evidence, such as significant T-statistics, highlights the importance of high-
quality information in boosting organizational agility. With accurate data and real-time
processing, businesses can quickly adapt to market changes and make informed decisions. In
Batam City's manufacturing sector, quality information enables faster responses to trends and
customer needs, improving decision-making and innovation. This agility enhances efficiency
and helps organizations maintain a competitive edge in a rapidly changing environment.
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The Effect of Innovation Capability on Organization Agility

The relationship between innovation capability and organizational agility is vital, as
innovation enables businesses to quickly adapt and respond to changes in the market.
Organizations with strong innovation capabilities can develop new products, processes, or
business models more efficiently, maintaining their competitive edge (Goncalves et al., 2020).
Innovation cultivates a flexible culture that supports creative problem-solving and faster
decision-making, which are essential for agility (Elazhary et al., 2023). Cultural factors,
particularly an 'Agile culture' that merges Clan and Adhocracy characteristics, are essential for
driving digital innovation and organizational agility (Goncalves et al., 2020). IT governance
and capabilities play a significant role in shaping organizational agility, especially in dynamic
markets, while innovation capability tends to have a stronger influence in stable conditions
(Elazhary et al., 2023). The ability to innovate within an organization is critical for achieving
competitive success, influenced by various internal and external factors (Silva & Cirani, 2020).

Enhanced innovation capability boosts organizational agility by allowing quicker
responses to emerging opportunities and challenges. It gives teams the freedom to experiment
with fresh ideas, adapt to changing customer needs, and rapidly improve products or services.
This adaptability helps organizations stay competitive, particularly in industries where rapid
changes are common and agility is key to success (Arsawan et al., 2022). Moreover, innovation
and agility work hand in hand, as organizations that innovate often rely on agility to test, scale,
and implement their ideas effectively. Therefore, firms that focus on strengthening their
innovation capabilities can better adjust to market shifts, minimize risks, and seize new
opportunities, positioning themselves for long-term growth and success (Findsrud, 2020).
Statistical evidence highlights the importance of innovation capability in enhancing
organizational agility. In Batam City's manufacturing sector, strong innovation enables quicker
responses to market changes and customer needs, fostering faster decision-making and
adaptability. This agility improves efficiency and helps businesses stay competitive in a rapidly
evolving environment.

The Effect of Organization Agility on Organization Performance

Organizational agility is essential for improving performance, especially in fast-paced
and competitive markets. It enables organizations to quickly and effectively adapt to market
shifts, customer needs, and external changes (Deshati, 2023). This adaptability allows
businesses to adjust strategies, processes, and resources in real-time, maintaining
competitiveness and efficiency (Atkinson et al., 2020). Agile organizations are more capable
of driving innovation, enhancing operational efficiency, and making informed decisions, all of
which positively influence performance. Their capacity to swiftly respond to new opportunities
and challenges promotes a culture of continuous improvement and growth (Kogyigit &
Akkaya, 2020).

The relationship between agility and performance is particularly noticeable in industries
that experience rapid changes, such as technology, manufacturing, and services (Devie et al.,
2023). Companies with high agility in these fields are able to adjust their operations, introduce
new products, and enter new markets more effectively than those with less agility. Moreover,
organizational agility is strongly connected to employee engagement and satisfaction.
Empowering employees to make decisions and participate in innovation enhances their
motivation and productivity, which in turn improves overall performance (Makori et al., 2022).
Agility also promotes collaboration and knowledge sharing, resulting in more effective strategy
implementation and better organizational outcomes. In conclusion, organizational agility is
crucial for achieving superior performance. It enables companies to adapt quickly, maintain
competitiveness, and foster a culture of ongoing innovation, all of which contribute to long-
term success and profitability (Bangura & Lourens (2024); Devie et al. (2023)).
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The test results show that organizational agility plays a crucial role in boosting
organizational performance. Agility enables businesses to respond promptly and effectively to
changes in the market, customer demands, and external factors. This adaptability allows
organizations to adjust their strategies, processes, and resources in real-time. In Batam City's
manufacturing sector, where market conditions are constantly changing, companies with high
agility can quickly shift their operations, introduce new products, and expand into new markets,
giving them a competitive edge. This leads to improved operational efficiency, better decision-
making, and overall performance.

CONCLUSION

This research shows that business analytics capability plays a crucial role in improving
information quality, innovation capability, organizational agility, and organizational
performance in the manufacturing sector in Batam City. The results of statistical analysis reveal
that business analytics capabilities not only generate accurate, relevant and reliable information
but also contribute to the development of innovative solutions that are relevant to market
dynamics. This enables organizations to improve operational efficiency, make better strategic
decisions, and respond quickly to market changes. In the context of the manufacturing industry
in Batam, high quality information supports a faster and more adaptive innovation process,
creating a competitive advantage in a constantly evolving market. Furthermore, this study
confirms that organizational agility is a key variable that links information quality and
innovation capability with organizational performance. Agility enables firms to quickly and
efficiently adjust to changes in the external environment and customer needs. By leveraging
innovation capabilities supported by data-driven insights, organizations can develop new
products, services, and processes that not only meet market demands but also accelerate
business growth. Overall, this research provides strategic insights for manufacturing companies
to enhance their competitiveness by integrating business analytics capabilities, improving
information quality, and optimizing their agility and innovation capabilities.
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