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Abstract: This study examines how perceived luxury value, consisting of financial, functional, 

individual, and social dimensions, and technology acceptance factors, namely perceived ease 

of use and perceived usefulness, influence customer engagement and purchase intention in 

luxury live streaming shopping in Indonesia. Using a quantitative approach with purposive 

sampling, data from 354 respondents were analyzed using Partial Least Squares–Structural 

Equation Modeling (PLS-SEM) through SmartPLS 4. The results indicate that all relationships 

are significant. Social value has the strongest effect on customer engagement, followed by 

individual, functional, and financial values. Both perceived usefulness and perceived ease of 

use significantly affect engagement, with usefulness showing a greater impact. Customer 

engagement enhances purchase intention and mediates the relationship between perceived 

luxury value and technology acceptance factors. The model explains 71.3% of the variance in 

engagement and 66.8% in purchase intention, emphasizing engagement as the key mechanism 

linking value perceptions and technology acceptance. The study extends the Stimulus–

Organism–Response (SOR) framework and Technology Acceptance Model (TAM) to luxury 

live streaming contexts and provides insights for luxury brands to strengthen competitiveness 

through interactive experiences, intuitive usability, and persuasive live demonstrations.  

 

Keywords: Luxury Live Streaming Shopping, Perceived Luxury Value, Technology 

Acceptance Model, Customer Engagement, Purchase Intention. 

 

 

INTRODUCTION 

The luxury goods industry is undergoing a rapid digital transformation as technology 

continues to reshape consumer behavior and retail strategies. One of the most influential 

innovations is live streaming shopping, which allows consumers to view real-time product 

demonstrations, interact directly with hosts, and make instant purchases. Compared to 

traditional e-commerce, this format offers a more immersive and emotional experience that 

enhances customer engagement and purchase intention (Qian, 2021; Yu & Zheng, 2022). 

Globally, the luxury market remains resilient, growing by 8–10 percent in 2023 to reach 

€1.5 trillion, while the live streaming commerce sector, valued at US$87.55 billion, is projected 
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to reach US$345.13 billion by 2030 (Bain & Company, 2023; Grand View Research, 2024). In 

Indonesia, TikTok has become the leading live commerce platform with more than 125 million 

users, 65 percent of whom prefer live shopping experiences (APJII, 2024; Alinea, 2023; RRI, 

2023). This demonstrates the increasing relevance of luxury live streaming shopping in the 

country’s digital marketplace. 

Unlike mass-market live commerce, luxury live streaming emphasizes exclusivity, 

authenticity, and personalized interaction. Hosts often act as brand representatives who 

highlight craftsmanship and prestige rather than price promotions, creating emotional and 

symbolic value that reinforces consumers’ sense of identity and social status (Tian et al., 2023; 

Chen et al., 2024). However, this transformation also creates a paradox. While live streaming 

enables luxury brands to reach wider audiences and appeal to younger consumers, it may also 

reduce the exclusivity that characterizes luxury goods (Dubois et al., 2021; Zhao, 2023). This 

raises an important question: how can luxury brands maintain exclusivity while leveraging 

TikTok Live to enhance purchase intention? 

To address this issue, this study applies two theoretical frameworks. The perceived luxury 

value framework (Wiedmann et al., 2009) explains that luxury consumption is influenced by 

financial, functional, individual, and social dimensions that generate both symbolic and 

emotional meaning (Walasek & Brown, 2015). In parallel, the Technology Acceptance Model 

(Davis, 1989) highlights the importance of perceived ease of use and perceived usefulness in 

shaping consumer adoption and engagement with digital platforms. Integrating these 

perspectives provides a comprehensive understanding of how technological and symbolic 

factors jointly influence consumer behavior in luxury live streaming contexts. 

Previous research has primarily focused on mass-market or Chinese live commerce (Sun 

et al., 2019; Yu & Zheng, 2022), while studies that combine luxury value and technology 

acceptance within the Indonesian context remain limited. Therefore, this study examines how 

perceived luxury value and technology factors affect customer engagement and how 

engagement mediates their effects on purchase intention in luxury live streaming shopping on 

TikTok. 

 

METHOD 

This study employed a quantitative research design using a survey approach to examine 

the relationships between perceived luxury value, technology acceptance factors, customer 

engagement, and purchase intention in the context of luxury live streaming shopping on 

TikTok. Data were collected through an online questionnaire distributed via Google Forms to 

reach digitally active consumers. The study applied purposive sampling to target Indonesian 

consumers who had prior experience purchasing luxury products through live streaming 

platforms. Data collection focused on respondents from Java Island, selected for its 

demographic and digital significance. Java accounts for more than half of Indonesia’s 

population (55.93%) and contributes the largest share to the national economy (BPS, 2023; 

CNN Indonesia, 2024). It also has the highest internet penetration rate in the country (83.64%) 

(Goodstats, 2024), making it the most digitally connected region and an appropriate setting for 

examining luxury live streaming shopping behavior in Indonesia. 

The research instrument utilized a five-point Likert scale ranging from 1 (strongly 

disagree) to 5 (strongly agree), which is suitable for measuring consumer perceptions, attitudes, 

and behavioral intentions (Mahmud et al., 2021; Mahardika, 2023). Data analysis employed 

Partial Least Squares–Structural Equation Modeling (PLS-SEM) using SmartPLS version 4, 

following the guidelines of Hair et al. (2019). The analytical procedure included evaluating the 

measurement model to assess construct reliability and validity, followed by testing the 

structural model to examine the proposed relationships among variables. A bootstrapping 

procedure was conducted to evaluate both direct and indirect effects, with particular attention 
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to the mediating role of customer engagement in linking perceived luxury value and technology 

acceptance factors to purchase intention in luxury live streaming shopping. 

 

RESULTS AND DISCUSSION 

Result 
 

Table 1. Respondent Characteristics 

Respondent Characteristic Category / Description Frequency  Percentage (%) 

Gender Female 212 59.8  
Male 142 40.2 

Age (years) 25–30 197 55.6 

Education Bachelor’s Degree 201 56.7 

Occupation Private Employee 142 40.2 

Monthly Income (IDR) 3,000,000 – 6,000,000 178 50.3 

Purchase Frequency  

(last 2 months) 
More than once 329 92.9 

Luxury Product Type Purchased Fashion 159 44.9 

Skincare & Cosmetics 82 23.2 

Electronics 48 13.6 

Watches & Jewelry 65 18.3 

 

A total of 381 responses were collected, of which 354 were valid for analysis, meeting 

the inclusion criteria of having previously purchased luxury products through live streaming. 

The majority of respondents were female (59.8%), aged 25–30 years (55.6%), held a bachelor’s 

degree (56.7%), and worked as private employees (40.2%). Most respondents reported a 

monthly income between IDR 3–6 million (50.3%). Regarding purchase behavior, 92.9% had 

purchased luxury products through live streaming more than once in the past two months. 

Fashion items were the most frequently purchased (44.9%), followed by skincare and cosmetics 

(23.2%), electronics (13.6%), and other luxury goods such as watches and jewelry (18.3%). 

 

Evaluation of the Measurement Model 

This study employed PLS-SEM analysis using SmartPLS 4 to evaluate the reflective 

measurement model, focusing on reliability, validity, and hypothesis testing. The first stage of 

evaluation involved examining the outer loadings of each indicator. Indicators with loadings 

above 0.70 were considered valid, while a few below the threshold (e.g., BEE2, BEE3, FUV3, 

FUV4, IV4, IV5) were retained since removing them would reduce construct validity. All 

constructs achieved an Average Variance Extracted (AVE) above 0.50, indicating acceptable 

convergent validity (Hair et al., 2022). 

 
Table 2. Outer Loading 

Variable CE FIV FUV INV PEOU PU PI SOV Test Criteria >0.70 

AFE1 0.736        Valid 

AFE2 0.745        Valid 

BEE1 0.749        Valid 

BEE2 0.625        Not Valid* 

BEE3 0.667        Not Valid* 

COE1 0.735        Valid 

FIV1  0.797       Valid 

FIV2  0.824       Valid 

FIV3  0.835       Valid 

FUV1   0.797      Valid 

FUV2   0.703      Valid 

FUV3   0.678      Not Valid* 

FUV4   0.692      Not Valid* 

FUV5   0.772      Valid 
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IV1    0.772     Valid 

IV2    0.770     Valid 

IV3    0.735     Valid 

IV4    0.699     Not Valid* 

IV5    0.700     Not Valid* 

PEOU1     0.776    Valid 

PEOU2     0.741    Valid 

PEOU3     0.711    Valid 

PEOU4     0.774    Valid 

PEOU5     0.759    Valid 

PU1      0.808   Valid 

PU2      0.734   Valid 

PU3      0.778   Valid 

PU4      0.741   Valid 

PU5      0.774   Valid 

PI1       0.745  Valid 

PI2       0.786  Valid 

PI3       0.743  Valid 

PI4       0.717  Valid 

PI5       0.719  Valid 

PI6       0.747  Valid 

SV1        0.818 Valid 

SV2        0.843 Valid 

SV3        0.799 Valid 

Source: Data Processed SmartPLS4 (2025) 

 

Table 3 demonstrates that all latent variables satisfy the reliability criteria, as indicated by 

Cronbach’s alpha and composite reliability values exceeding the recommended threshold of 

0.70. Accordingly, all constructs in this study can be considered reliable, having met the 

required measurement standards. 

 
Table 3. Cronbach’s Alpha, Composite Reliability, and AVE 

Variable 
Cronbach's 

Alpha 
rho_A 

Composite 

Reliability 

Average Variance Extracted 

(AVE) 

Customer Engagement 0.803 0.807 0.859 0.506 

Financial Value 0.757 0.765 0.859 0.671 

Functional Value 0.781 0.788 0.850 0.533 

Individual Value 0.788 0.791 0.855 0.541 

Perceived Ease of Use 0.808 0.810 0.867 0.566 

Perceived Usefulness 0.826 0.829 0.878 0.589 

Purchase Intention 0.838 0.840 0.881 0.552 

Social Value 0.757 0.758 0.861 0.673 

Source: Data Processed SmartPLS4 (2025) 

 

According to Hair et al. (2022), an AVE value greater than 0.50 indicates that a construct 

explains more than half of the variance in its indicators. As shown in Table 3, all constructs in 

the model achieved AVE values above this threshold, confirming good convergent validity and 

ensuring that more than 50% of the indicator variance is captured by each construct. 

Furthermore, Table 4 shows that the square root of the AVE for each construct is greater than 

its correlations with other constructs, thereby satisfying the Fornell–Larcker criterion for 

discriminant validity. 

 
Table 4. Fornell-Larcker Criterion 

Variable CE FIV FUV IV PEOU PU PI SOV 

Customer Engagement 0.711 
       

Financial Value 0.585 0.819 
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Functional Value 0.535 0.535 0.730 
     

Individual Value 0.670 0.448 0.590 0.736 
    

Perceived Ease of Use 0.557 0.491 0.485 0.550 0.752 
   

Perceived Usefulness 0.653 0.582 0.424 0.542 0.613 0.768 
  

Purchase Intention 0.818 0.603 0.487 0.604 0.570 0.684 0.743 
 

Social Value 0.683 0.416 0.278 0.493 0.292 0.426 0.616 0.820 

Source: Data Processed SmartPLS4 (2025) 

 

The next criterion to be considered is the cross-loading value. According to this criterion, 

the outer loading of an indicator on its associated construct should be higher than its cross-

loadings on other constructs. Based on Table 5, it can be stated that the outer loading values of 

each indicator are higher than their cross-loadings on other constructs. 

 
Table 5. Cross Loading 

Indicator CE FIV FUV IV PEOU PU PI SOV 

AFE1 0.736 0.443 0.398 0.480 0.440 0.479 0.643 0.446 

AFE2 0.745 0.400 0.381 0.499 0.454 0.486 0.598 0.418 

BEE1 0.749 0.369 0.311 0.478 0.301 0.455 0.639 0.615 

BEE2 0.625 0.420 0.435 0.405 0.399 0.396 0.483 0.486 

BEE3 0.667 0.482 0.504 0.534 0.471 0.516 0.498 0.366 

COE1 0.735 0.394 0.279 0.462 0.329 0.455 0.608 0.569 

FIV1 0.407 0.797 0.445 0.304 0.352 0.418 0.409 0.323 

FIV2 0.531 0.824 0.422 0.404 0.388 0.457 0.517 0.364 

FIV3 0.484 0.835 0.451 0.380 0.461 0.549 0.542 0.331 

FUV1 0.410 0.445 0.797 0.402 0.408 0.354 0.396 0.246 

FUV2 0.318 0.325 0.703 0.416 0.359 0.270 0.257 0.090 

FUV3 0.335 0.317 0.678 0.415 0.222 0.213 0.250 0.167 

FUV4 0.420 0.475 0.692 0.478 0.377 0.335 0.431 0.245 

FUV5 0.444 0.367 0.772 0.441 0.384 0.348 0.403 0.234 

IV1 0.512 0.387 0.528 0.772 0.501 0.409 0.464 0.351 

IV2 0.515 0.391 0.464 0.770 0.430 0.457 0.477 0.333 

IV3 0.465 0.285 0.426 0.735 0.416 0.358 0.369 0.314 

IV4 0.544 0.207 0.296 0.699 0.297 0.343 0.468 0.509 

IV5 0.406 0.395 0.474 0.700 0.384 0.434 0.433 0.277 

PEOU1 0.438 0.384 0.378 0.458 0.776 0.474 0.475 0.267 

PEOU2 0.427 0.385 0.371 0.460 0.741 0.481 0.392 0.250 

PEOU3 0.390 0.366 0.337 0.413 0.711 0.445 0.399 0.173 

PEOU4 0.441 0.411 0.395 0.362 0.774 0.462 0.446 0.253 

PEOU5 0.398 0.294 0.340 0.376 0.759 0.442 0.431 0.145 

PI1 0.572 0.338 0.205 0.385 0.271 0.411 0.745 0.477 

PI2 0.639 0.423 0.329 0.502 0.455 0.473 0.786 0.496 

PI3 0.580 0.463 0.338 0.444 0.373 0.456 0.743 0.482 

PI4 0.562 0.472 0.429 0.465 0.512 0.615 0.717 0.354 

PI5 0.613 0.482 0.439 0.441 0.519 0.595 0.719 0.385 

PI6 0.667 0.502 0.425 0.452 0.410 0.503 0.747 0.538 

PU1 0.558 0.502 0.336 0.445 0.495 0.808 0.603 0.351 

PU2 0.489 0.420 0.277 0.357 0.458 0.734 0.480 0.291 

PU3 0.476 0.456 0.327 0.435 0.478 0.778 0.508 0.367 

PU4 0.462 0.458 0.367 0.387 0.402 0.741 0.501 0.349 

PU5 0.513 0.397 0.323 0.453 0.513 0.774 0.523 0.283 

SV1 0.565 0.292 0.205 0.428 0.184 0.366 0.524 0.818 

SV2 0.573 0.302 0.187 0.385 0.230 0.346 0.487 0.843 

SV3 0.541 0.435 0.296 0.402 0.308 0.337 0.505 0.799 

Source: Data Processed SmartPLS4 (2025) 

 

Another widely used criterion for assessing discriminant validity is the Heterotrait–

Monotrait Ratio (HTMT). Hair et al. (2022) suggest that an HTMT value below 0.90 indicates 
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adequate discriminant validity. As presented in Table 6, all HTMT correlation values fall below 

this threshold, thereby meeting the criterion and confirming that discriminant validity is 

established across all constructs. 

 
Table 6. Heterotrait Monotrait Ratio (HTMT) 

Variable CE FIV FUV IV PEOU PU PI SOV 

Customer Engagement 
        

Financial Value 0.747 
       

Functional Value 0.675 0.689 
      

Individual Value 0.836 0.579 0.757 
     

Perceived Ease of Use 0.696 0.622 0.603 0.690 
    

Perceived Usefulness 0.801 0.732 0.520 0.673 0.748 
   

Purchase Intention 0.990 0.747 0.586 0.739 0.691 0.820 
  

Social Value 0.873 0.550 0.352 0.629 0.372 0.541 0.770 
 

Source: Data Processed SmartPLS4 (2025) 

 

Collinearity testing can be performed by examining the Variance Inflation Factor (VIF) 

values. If the VIF value is less than 5, the model is considered fit and can proceed to the next 

stage of analysis. Table 7 shows that the VIF values between the research variables meet the 

required threshold, which is < 5. Based on the inner model testing, it can be concluded that the 

model, in general, is sufficiently good. 
 

Table 7. Variance Inflation Factor (VIF) 

Variable VIF 

Financial Value → Customer Engagement 1.891 

Functional Value → Customer Engagement 1.849 

Individual Value → Customer Engagement 2.173 

Social Value → Customer Engagement 1.466 

Perceived Ease of Use → Customer Engagement 1.897 

Perceived Usefulness → Customer Engagement 2.092 

Customer Engagement → Purchase Intention 1.000 

Source: Data Processed SmartPLS4 (2025) 
 

A path coefficient approaching 1 reflects a strong positive association, whereas a 

coefficient closer to 0 suggests a weak linkage within the structural model. The t-value, on the 

other hand, determines whether the relationship between constructs is statistically significant at 

a specified error margin. In this study, a 5% significance threshold was applied, implying that 

t-values above 1.96 are considered significant (Hair et al., 2022). The estimated path 

coefficients together with their corresponding t-values are summarized in Table 8. 

 
Table 8. Path Coefficient and t Value (Direct Effects) 

Variable 
Original 

Sample (O) 

Sample 

Mean (M) 

Standard 

Deviation 

(STDEV) 

T Statistics 

(|O/STDEV|) 
P Values 

Customer Engagement -> 

Purchase Intention 
0.818 0.818 0.024 33.449 0.000 

Financial Value -> Customer 

Engagement 
0.098 0.104 0.046 2.109 0.035 

Functional Value -> Customer 

Engagement 
0.123 0.126 0.035 3.516 0.000 

Individual Value -> Customer 

Engagement 
0.188 0.187 0.036 5.188 0.000 

Perceived ease of use -> 

Customer Engagement 
0.101 0.098 0.043 2.337 0.020 

Perceived usefulnes -> 

Customer Engagement 
0.211 0.208 0.040 5.249 0.000 
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Social Value -> Customer 

Engagement 
0.396 0.394 0.042 9.394 0.000 

Source: Data Processed SmartPLS4 (2025) 
 

Table 9 presents the results of the indirect effects, showing that customer engagement 

mediates the relationships between perceived luxury value dimensions, technology acceptance 

factors, and purchase intention. This finding underscores the central role of consumer 

engagement as a mediating mechanism within the value chain of luxury live streaming 

shopping. 
 

Table 9. Path Coefficient and t Value (Indirect Effects) 

Variable 
Original 

Sample (O) 

Sample 

Mean (M) 

Standard 

Deviation 

(STDEV) 

T Statistics 

(|O/STDEV|) 
P Values 

Financial Value -> Customer 

Engagement -> Purchase 

Intention 

0.080 0.085 0.037 2.130 0.034 

Functional Value -> Customer 

Engagement -> Purchase 

Intention 

0.101 0.103 0.029 3.492 0.001 

Individual Value -> Customer 

Engagement -> Purchase 

Intention 

0.153 0.153 0.030 5.188 0.000 

Perceived ease of use -> 

Customer Engagement -> 

Purchase Intention 

0.083 0.080 0.035 2.349 0.019 

Perceived usefulnes -> 

Customer Engagement -> 

Purchase Intention 

0.173 0.170 0.034 5.053 0.000 

Social Value -> Customer 

Engagement -> Purchase 

Intention 

0.324 0.323 0.037 8.646 0.000 

Source: Data Processed SmartPLS4 (2025) 

 

Table 10 reports an R-Square value of 0.713 for customer engagement, indicating that 

71.3% of its variance is explained by the predictor variables. Purchase intention shows an R-

Square of 0.668, suggesting that customer engagement accounts for 66.8% of its variance. The 

adjusted R-Square values differ only marginally from the original estimates, confirming the 

robustness and stability of the model. 

 
Table 10. R-Square Value 

Variable R-Square R-Square Adjusted 

Customer Engagement 0.713 0.708 

Purchase Intention 0.668 0.667 

Source: Data Processed SmartPLS4 (2025) 
 

The effect size in this study was evaluated using the f² statistic, which measures the 

contribution of exogenous variables to the variance explained in endogenous constructs. 

According to Hair et al. (2022), f² values of 0.02, 0.15, and 0.35 represent small, medium, and 

large effects, respectively. As shown in Table 11, customer engagement exerts a very large 

influence on purchase intention (f² = 2.015). Among the predictors of customer engagement, 

financial value (f² = 0.018), perceived ease of use (f² = 0.019), and functional value (f² = 0.029) 

fall within the small category. By contrast, individual value (f² = 0.057) and perceived 

usefulness (f² = 0.075) demonstrate medium effects, while social value (f² = 0.373) shows a 

large effect, underscoring its dominant role in shaping engagement. 
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Table 11. Effect Size (f²) 

Variable Customer Engagement Purchase Intention 

Customer Engagement 
 

2.015 

Financial Value 0.018 
 

Functional Value 0.029 
 

Individual Value 0.057 
 

Perceived Ease of Use 0.019 
 

Perceived Usefulness 0.075 
 

Social Value 0.373 
 

Source: Data Processed SmartPLS4 (2025) 

 

 
Source: Research Results  

Figure 1. Structural Model  

Discussion 

The Effect of Financial Value on Customer Engagement 

The analysis shows that financial value has a positive effect on customer engagement (β 

= 0.098, T = 2.109, p = 0.035). Consumers who perceive luxury products as offering fair value 

for their premium price are more likely to engage actively during live streaming sessions. In 

luxury live streaming shopping, price perceptions are not purely economic but also symbolic, 

reflecting exclusivity, quality, and authenticity (Wiedmann et al., 2009). This finding aligns 

with prior studies suggesting that higher prices can enhance consumer trust and strengthen 

perceptions of brand prestige (Shukla & Purani, 2012; Fan & Zheng, 2022). Thus, perceived 

financial fairness encourages consumers to participate more actively and reinforces confidence 

in luxury brands. 

 

The Effect of Functional Value on Customer Engagement 

Functional value significantly influences customer engagement (β = 0.123, T = 3.516, p 

= 0.000). Real-time demonstrations of product features, durability, and performance during live 

streaming enable consumers to assess luxury goods more accurately, thereby reducing 

uncertainty and fostering trust (Tynan et al., 2010; Chen et al., 2024). Clear visual presentations 

enhance the credibility of luxury brands and emphasize the experiential quality of products. 

This result highlights that live streaming effectively communicates both the functional and 

experiential aspects of luxury, leading to higher consumer involvement. 
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The Effect of Individual Value on Customer Engagement 

Individual value has a positive and significant impact on customer engagement (β = 

0.188, T = 5.188, p = 0.000). Luxury consumption often reflects personal identity and emotional 

gratification (Shukla, 2012). When consumers perceive luxury products as extensions of their 

self-concept, they experience stronger emotional bonds with the brand and engage more 

actively during live sessions. These findings are consistent with research emphasizing that 

individual value through self-expression and personal relevance stimulates both emotional and 

cognitive engagement in luxury consumption (Bao et al., 2024; Luo et al., 2024). 

 

The Effect of Social Value on Customer Engagement 

Social value emerges as the strongest predictor of customer engagement (β = 0.396, T = 

9.394, p = 0.000). Recognition, peer influence, and community interaction are key motivators 

driving consumer engagement in luxury live streaming shopping (Al-Issa et al., 2024). Features 

such as real-time comments, likes, and virtual interactions enhance social presence and create 

a sense of belonging (Salshabilla & Kurniawati, 2024). These results confirm that consumers 

seek not only product ownership but also social validation and prestige through participatory 

and interactive live shopping experiences. 

 

The Effect of Perceived Ease of Use on Customer Engagement 

Perceived ease of use also significantly affects customer engagement (β = 0.101, T = 

2.337, p = 0.020). When TikTok Live offers a smooth, intuitive, and user-friendly interface, 

consumers experience greater comfort and are more motivated to interact. Easy navigation, 

stable streaming quality, and efficient checkout processes reduce cognitive effort, increasing 

user satisfaction. This supports the Technology Acceptance Model (TAM), which posits that 

perceived ease of use enhances user attitudes and engagement (Davis, 1989; Young-Soo & Ho, 

2007; Liesa-Orús et al., 2022). In the context of luxury live streaming shopping, platform 

simplicity encourages continuous participation and sustained attention. 

 

The Effect of  Perceived Usefulness and Customer Engagement 

Perceived usefulness has a positive and significant influence on customer engagement (β 

= 0.211, T = 5.249, p = 0.000). Consumers are more engaged when live streaming provides 

valuable product information, facilitates comparison, and supports efficient decision-making 

(Kwon et al., 2020; Jain, 2024). The usefulness of TikTok Live lies in its ability to integrate 

information and entertainment, helping consumers make informed luxury purchase decisions. 

Compared with ease of use, usefulness shows a stronger influence, suggesting that consumers 

prioritize informational and practical benefits when engaging in live shopping 

(Razafinandrasana & Tamara, 2024). 

 

The Effect of Customer Engagement on Purchase Intention 

Customer engagement exerts the greatest effect on purchase intention (β = 0.818, T = 

33.449, p = 0.000). Consumers who are emotionally and cognitively involved during live 

streaming are more likely to develop strong intentions to purchase luxury products. Engagement 

encompasses emotional connection, cognitive involvement, and behavioral participation, 

making it a key determinant of purchasing behavior. This finding aligns with the Stimulus–

Organism–Response (SOR) framework, in which engagement functions as the internal response 

connecting perceived value and technological factors to behavioral outcomes (Mehrabian & 

Russell, 1974; Ho et al., 2022). 

 

The Mediating Role of Customer Engagement 

The mediation analysis reveals that customer engagement serves as a crucial mechanism 

linking perceived luxury value and technology acceptance factors to purchase intention. Among 
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all dimensions, the strongest indirect effect is observed for social value (β = 0.324, T = 8.646, 

p = 0.000), indicating that social influence enhances engagement, which subsequently drives 

purchasing decisions. This finding validates the integration of the SOR and TAM frameworks, 

where perceived luxury value and technological usability act as stimuli that trigger 

psychological engagement and result in behavioral responses (Xie et al., 2023; Ko & Ho, 2024). 

Overall, the results demonstrate that luxury live streaming shopping integrates symbolic 

prestige with technological convenience to foster meaningful engagement that enhances 

purchase intention. Consumers are motivated not only by functional quality and financial value 

but also by emotional satisfaction, social recognition, and interactive digital experiences. 

Customer engagement thus represents the central mechanism connecting perceived luxury 

value, technology acceptance, and consumer behavioral intention in Indonesia’s evolving 

luxury live streaming market. 

 

CONCLUSION 

This study concludes that perceived luxury value, which includes financial, functional, 

individual, and social dimensions, together with technology acceptance factors such as 

perceived ease of use and perceived usefulness, significantly influence customer engagement, 

which in turn strongly predicts purchase intention in luxury live streaming shopping. Among 

these dimensions, social value has the greatest effect, while perceived usefulness exerts a 

stronger influence than ease of use, underscoring the importance of both symbolic value and 

technological functionality in shaping consumer engagement and behavioral intention. These 

findings extend the Stimulus–Organism–Response (SOR) framework and the Technology 

Acceptance Model (TAM) to the context of luxury live streaming shopping, offering a 

comprehensive understanding of how perceived value and platform usability act as stimuli that 

drive engagement and purchase behavior. From a managerial perspective, luxury brands should 

not rely solely on exclusivity and prestige but should focus on fostering meaningful engagement 

through interactive features, seamless usability, and persuasive live demonstrations to enhance 

competitiveness, preserve brand exclusivity, and build long-term consumer loyalty in 

Indonesia’s evolving digital luxury market. 
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