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Abstract: This study aims to examine and analyze the influence of Regional Original Revenue 
(PAD) and Balancing Funds namely the General Allocation Fund (DAU), the Special 
Allocation Fund (DAK), and the Revenue Sharing Fund (DBH) on the Human Development 
Index (HDI) in Indonesia. The data in this study cover all regencies/cities in Indonesia from 
2016 to 2022. The research method used is panel data regression. The results show that PAD, 
DAU, DAK, and DBH simultaneously affect the HDI. Partial test results indicate that PAD, 
DAK, and DBH have a significant positive influence on HDI, while DAU has a significant 
negative effect. Based on these findings, local governments are encouraged to evaluate the use 
of DAU in efforts to improve HDI nationwide, considering that the utilization of DAU is at the 
discretion of the respective local governments. 
 
Keyword: Human Development Index, Balancing Funds, General Allocation Fund, Special 
Allocation Fund, Revenue Sharing Fund, Fiscal Decentralization 
 
 
INTRODUCTION 

The objective of the Republic of Indonesia, as stated in the Preamble to the 1945 
Constitution, is to promote the welfare of the nation (Undang-Undang Dasar (UUD) Tahun 
1945, 1945). One of the key indicators used to measure this welfare is the Human Development 
Index (HDI), published by the United Nations Development Programme (UNDP), which 
comprises three main dimensions: health, education, and standard of living. The UNDP 
emphasizes that human beings are a nation’s most valuable asset; therefore, development 
efforts should focus on creating an environment that enables people to live healthy, educated, 
and prosperous lives. 

According to data from the UNDP, the following table presents the HDI scores of 
Southeast Asian countries in 2022: 
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Table 1. Human Development Index of Southeast Asian Countries in 2022 

Country HDI Global Ranking 
Singapore 0.939 12 
Brunei Darussalam 0.829 51 
Malaysia 0.803 62 
Thailand 0.800 66 
Indonesia 0.705 114 
Vietnam 0.703 115 
Philippines 0.699 116 
Laos 0.607 140 
Timor Leste 0.607 140 
Cambodia 0.593 146 
Myanmar 0.585 149 

 
Based on the 2022 Human Development Index data from the United Nations 

Development Programme (UNDP), Indonesia ranks 114th out of 191 countries with a score of 
0.705. Compared to other Southeast Asian countries, Indonesia ranks fifth, behind Singapore, 
Brunei Darussalam, Malaysia, and Thailand. This data indicates that the level of human 
development and overall welfare in Indonesia remains relatively low compared to several 
neighboring countries in the region (United Nations Development Programme, 2019). 

Statistics Indonesia (BPS) also measures the Human Development Index (HDI) using a 
methodology aligned with the UNDP approach since 2014, but with a different scale ranging 
from 1 to 100. Similar to the UNDP, the BPS version of the HDI includes three key dimensions: 
health, measured by Life Expectancy at Birth (LEB); education, reflected by Expected Years 
of Schooling (EYS); and a decent standard of living, measured by Expenditure per Capita 
(EPC) (Badan Pusat Statistik Indonesia, 2022). The following figure shows the development 
of Indonesia's HDI from 2014 to 2022. 
 

 

Figure 1. Indonesia’s Human Development Index, 2014–2022 
 
Figure 1 shows that Indonesia's HDI has consistently increased each year, with an 

average annual rise of 0.5 points. However, there was a noticeable slowdown in 2020, where 
the HDI only increased by 0.02 points compared to the previous year, as a result of the Covid-
19 pandemic. Despite some recovery, the overall rate of improvement has not been sufficient 
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to meet the HDI targets set in the State Budget (APBN), in which HDI has been used as one of 
the indicators of quality development since 2016. 

 
Table 2. HDI Target Achievement in the APBN, 2016–2022 

Year APBN Target HDI Realization Description 
2016 70.1 70.18 Achieved 
2017 70.1 70.81 Achieved 
2018 71.5 71.39 Not Achieved 
2019 71.98 71.92 Not Achieved 
2020 72.51 71.94 Not Achieved 
2021 72.78 – 72.95 72.29 Not Achieved 
2022 73.41 – 73.46 72.91 Not Achieved 

 
Table 2 indicates that the Human Development Index (HDI) targets set in the State 

Budget (APBN) were only achieved in 2016 and 2017. From 2018 to 2022, however, these 
targets were consistently not met. This situation indicates the need for strategic action by the 
government to identify regions with low HDI achievements or slow HDI growth, in order to 
implement more targeted and effective policy interventions that promote equitable human 
development across all regions. 

Figure 2. Provincial HDI in Indonesia, 2022 
 
Figure 2 reveals a stark disparity among provinces in terms of Human Development 

Index (HDI) achievement. DKI Jakarta recorded the highest HDI at 81.65, while Papua had the 
lowest at 61.39. Out of a total of 34 provinces in Indonesia, only 10 had HDI scores above the 
national average of 72.91. This fact highlights that equitable human development across 
Indonesia remains a major challenge requiring serious attention from both central and regional 
governments. 

Table 3. HDI in Regencies/Cities in Indonesia, 2022 
Category HDI Description 
Highest HDI 87.69 Yogyakarta City 
Lowest HDI 34.1 Nduga Regency 
HDI > National 157  
HDI < National 357  

 
Table 3 provides a summary of the HDI in Indonesian regencies and cities in 2022, 

showing that only 157 out of 514 (around 30.6%) had an HDI above the national average, while 
the remaining 357 (69.4%) were below. The disparity in HDI between regions is quite 
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significant, with a gap of 53.59 points between Yogyakarta City the area with the highest HDI 
(87.69) and Nduga Regency, which had the lowest (34.1). This gap underscores the persistent 
inequality in human development across regions in Indonesia, which calls for more equitable 
and just attention and action from the government. 

The 2022 Human Development Index (HDI) data still reflects a “Java-centric” tendency, 
where the average HDI of provinces on the island of Java is higher than that of provinces 
outside Java. Only three provinces outside Java—East Kalimantan, Riau Islands, and Bali—
have HDI scores above the average for Java. This condition illustrates horizontal disparities in 
development and welfare across regions. To address these inequalities, the government enacted 
Law Number 22 of 1999 on Regional Government and Law Number 25 of 1999 on the 
Financial Balance between the Central and Regional Governments as an initial step in 
implementing regional autonomy and fiscal decentralization. Through these policies, regional 
governments are granted the authority to independently manage and organize development in 
their respective areas, with the aim of promoting equitable development throughout Indonesia. 

(Undang-Undang (UU) Nomor 25 Tahun 1999 Tentang Perimbangan Keuangan Antara 
Pemerintah Pusat Dan Daerah, 1999) introduced the concept of fiscal decentralization, which 
involves the transfer of budgetary resources from the central government to regional 
governments in order to enhance the efficiency and effectiveness of resource allocation. 
According to (Oates, 1999) fiscal decentralization enables local governments to manage 
resources more accurately because they have a better understanding of local needs. In the 
context of improving HDI, funding responsibilities for programs are shared between the central 
government through the State Budget (APBN) and regional governments through the Regional 
Budget (APBD). The structure of the APBD is similar to that of the APBN, encompassing 
revenue, expenditure, and regional financing. However, regional revenue includes unique 
sources such as Regional Original Revenue (PAD) as organic income, and Transfers to Regions 
and Village Funds (TKDD), which are transfers from the central government (Undang-Undang 
(UU) Nomor 33 Tahun 2004 Tentang Perimbangan Keuangan Antara Pemerintah Pusat Dan 
Pemerintahan Daera, 2004). This mechanism highlights the strategic role of regional 
governments in supporting human development through autonomous budget management that 
aligns with the characteristics of each region. 

(Undang-Undang (UU) Nomor 1 Tahun 2022 Tentang Hubungan Keuangan Antara 
Pemerintah Pusat Dan Pemerintah Daerah, 2022) that Regional Original Revenue (PAD) 
consists of four main components: Regional Taxes, Regional Levies, the Results of the 
Management of Separated Regional Assets, and Other Legitimate PAD. The amount of PAD a 
region can obtain largely depends on its economic potential and the regional government's 
ability to innovate and optimize local revenue sources. Therefore, strengthening PAD is key to 
supporting regional fiscal independence and ensuring more sustainable development financing. 

TKDD (Transfers to Regions and Village Funds) includes various types of funds, such 
as Revenue Sharing Funds (DBH), General Allocation Funds (DAU), Physical Special 
Allocation Funds (DAK), Non-Physical DAK, Special Autonomy Funds (Otsus), Privilege 
Funds (Danais), Regional Incentive Funds (DID), and Village Funds (DD). These funds are 
provided by the central government to the regions and are recognized as Regional Revenue in 
the Regional Budget (APBD). Since the implementation of fiscal decentralization, TKDD has 
become an important instrument in the State Budget (APBN), accounting for up to one-third 
of the APBN (Setiawan, 2021). Over the past six years, the significant contribution of TKDD 
to the APBD reflects the high dependence of regional governments on central government 
budget assistance to implement various local programs. 
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Figure 3. Realization of Regional Revenue in 2017–2022 
 
Data indicates that TKDD (Transfers to Regions and Village Funds) serves as the primary 

source of revenue for local governments, contributing an average of 66.51% to Regional 
Revenue. The composition of TKDD illustrates the extent of regional dependence on central 
government funds to support various development programs and regional activities. The 
following presents the composition of TKDD from 2017 to 2022: 

Figure 4. Composition of TKDD in 2017–2022 
 
The data shows that the three largest components of TKDD are the General Allocation 

Fund (DAU) at 50.86%, followed by the Special Allocation Fund (DAK) at 23.96%, and the 
Revenue Sharing Fund (DBH) at 13.53%. These three are considered balancing funds aimed 
at helping regional governments finance their responsibilities, reducing funding disparities 
between the central and regional governments, and minimizing interregional fiscal gaps. 
Overall, the proportion of balancing funds within TKDD reaches 87.46%, while Village Funds 
contribute 8.48%. A study by (Ginting et al., 2019) indicates that regional governments are 
highly dependent on balancing funds to meet their needs, suggesting that the significant 
proportion of these funds in the APBD should have a substantial impact on regional economic 
development. 

The study by (Suhyanto et al., 2020) examined the influence of Regional Original 
Revenue (PAD), General Allocation Funds (DAU), Revenue Sharing Funds (DBH), Special 
Allocation Funds (DAK), and Village Funds (DD) on the Human Development Index (HDI) 
in regencies/municipalities within West Java Province. The results showed that all variables 
(PAD, DAU, DBH, DAK, and DD) had a significant effect on HDI. Meanwhile, (Harahap, 
2011) investigated the influence of DAU, DAK, and DBH on HDI in regencies/municipalities 
in North Sumatra Province and found that the three variables had a simultaneous significant 
effect on HDI, although they had no partial effect. This research was extended by (Sembiring, 
2011) who examined the influence of PAD, DAU, and DAK on HDI in North Sumatra 
Province. The findings indicated that PAD had a significantly positive effect on HDI, DAU 
had a significantly negative effect, and DAK had no significant effect on HDI. 

Based on the studies conducted by (Harahap, 2011; Sembiring, 2011; Suhyanto et al., 
2020) further analysis is needed to investigate the effect of PAD as a region’s original organic 
income and Balancing Funds (DAU, DAK, DBH) as transferred income from the central 
government on HDI across all regencies/municipalities in Indonesia during the 2016–2022 
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period. In this analysis, HDI must be categorized into groups: Very High, High, Medium, and 
Low HDI. This study aims to examine and analyze the influence of Regional Original Revenue 
(PAD) and Balancing Funds, namely General Allocation Funds (DAU), Special Allocation 
Funds (DAK), and Revenue Sharing Funds (DBH), on the Human Development Index (HDI) 
in Indonesia. 
 
METHOD 

This study uses a quantitative method with a deductive-inductive approach, focusing on 
testing theories and relationships between variables through empirical data. The aim of 
quantitative research is to test theories, build facts, and provide statistical descriptions and 
predictions of outcomes. This research design is structured and formal, carefully planned 
before the testing phase. The study aims to examine the influence of independent variables (X), 
namely Regional Original Revenue and Balancing Funds (DAU, DAK, and DBH), on the 
dependent variable (Y), which is the Human Development Index (HDI). The study involves 
514 regencies/municipalities in Indonesia, with secondary data collection from 2016 to 2022. 
Subsequently, testing is conducted based on the predetermined hypotheses to determine the 
extent of the influence of these variables on HDI. 

The data type used in this research is secondary data. Secondary data is data that is 
indirectly collected or not directly gathered by the researcher, which can also include 
documents. Below is a table showing the data sources for each variable in this research: 

 
Table 4. Research Data Sources 

No Data Name Data Source 
1 Human Development Index 2016 - 2022 Central Bureau of Statistics 
2 Realization of Regional Original Revenue 2016 

- 2022 
Directorate General of Financial Balance, 
Ministry of Finance 

3 Realization of General Allocation Fund (DAU) 
2016 - 2022 

Directorate General of Financial Balance, 
Ministry of Finance 

4 Realization of Special Allocation Fund (DAK) 
2016 - 2022 

Directorate General of Financial Balance, 
Ministry of Finance 

5 Realization of Revenue Sharing Fund (DBH) 
2016 - 2022 

Directorate General of Financial Balance, 
Ministry of Finance 

 
This study will use panel data regression analysis, which will be conducted using Eviews 

12. Panel data is a combination of Cross Section and Time Series data. The Cross Section data 
in this study includes all variables from 500 regencies/municipalities in Indonesia, while the 
Time Series data includes data for all variables from the period 2016 to 2022 with an annual 
frequency. 

In this study, the researcher will perform clustering on the dependent variable, HDI. 
Clustering is done based on the HDI categories provided by (Badan Pusat Statistik Indonesia, 
2022) which includes four categories: Very High, High, Medium, and Low, as detailed below: 

 
Table 5. HDI Categories 

No HDI Category Range 
1 Very High HDI ≥ 80 
2 High 70 ≤ HDI < 80 
3 Medium 60 ≤ HDI < 70 
4 Low HDI < 60 

 
This study will test and analyze the relationship between the independent and dependent 

variables across all regencies/municipalities and within each HDI cluster based on the HDI of 
regencies/municipalities in 2022. The model used in this study is as follows: 
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IPMit = β0  + β1 PADit + β2 DAUit + β3 DAKit + β4 DBHit  + εit 
 
Where: 
HDI = Human Development Index 
PAD = Regional Original Revenue 
DAU = General Allocation Fund 
DAK = Special Allocation Fund 
DBH  = Revenue Sharing Fund 

Panel data regression modeling can be conducted using three alternative approaches: 
Ordinary Least Square (OLS)/Common Effect Model (CEM), Fixed Effect Model (FEM), and 
Random Effect Model (REM), as explained by (Widarjono, 2007). Essentially, the selection of 
the panel data estimation model depends on the research conditions, particularly the number of 
individuals and the variables used. The three tests used to choose the appropriate estimation 
technique, according to (Widarjono, 2007), are the Chow Test, Hausman Test, and Lagrange 
Multiplier (LM) Test. The Chow Test is used to select between the CEM and FEM models by 
comparing the F-statistic value with the F-table value. The Hausman Test is used to select 
between the FEM and REM models based on the differences in the estimates between the two 
models. If the Hausman statistic is greater than the critical Chi-Square value, the appropriate 
model is FEM, while if it is smaller, the appropriate model is REM. The LM Test is used to 
select between CEM and REM, relying on the residual value from the CEM. If the LM 
calculated value is greater than the critical Chi-Square value, the appropriate model is REM. 
In addition, the selection between FEM and REM is also influenced by the number of time 
periods (t) and the number of individuals (i), where FEM is recommended if the number of 
time periods is larger, while REM is more suitable when the number of individuals is larger. 

The classical assumption test is an important step in regression analysis to ensure that the 
data used meet several basic requirements. This test includes autocorrelation test, 
multicollinearity test, heteroscedasticity test, and normality test of data distribution. According 
to (Gujarati et al., 2009) panel data has the advantage of providing more complete information, 
increasing variability, reducing collinearity, and improving degrees of freedom, making the 
analysis more efficient. With these advantages, panel data testing does not require the classical 
assumption tests that are typically applied to cross-sectional data. 

In addition, to test hypotheses in the research, two types of tests are used: the t-test and 
the F-test. The t-test is used to examine whether each coefficient parameter statistically meets 
the desired criteria by comparing the t-statistic value with the t-table value at a significance 
level of 5%. The decision-making process can be done by comparing the t-statistic with the t-
table: if the t-statistic is smaller than the t-table or the probability is greater than 0.05, then the 
null hypothesis (Ho) is accepted; if the t-statistic is larger than the t-table or the probability is 
smaller than 0.05, then the alternative hypothesis (Ha) is accepted. 

Meanwhile, the F-statistic test is used to examine the significance of the influence of 
independent variables on the dependent variable, as well as to ensure that the regression model 
used is appropriate to proceed. According to (Ghozali, 2018) with a significance level of 0.05, 
if the F-statistic is smaller than the F-table or the probability is greater than 0.05, then the 
independent variables do not have a significant effect on the dependent variable; conversely, if 
the F-statistic is larger than the F-table or the probability is smaller than 0.05, then the 
independent variables have a significant effect on the dependent variable. 
 
RESULTS AND DISCUSSION 
Panel Effect Test 

There are 3 (three) models in panel data regression, namely common effect, fixed effect, 
and random effect. The selection of the best model is based on the results of the Chow test, 

https://dinastipub.org/DIJEFA


https://dinastipub.org/DIJEFA                                              Vol. 6, No. 3, 2025 
 

2367 | Page 

Hausman test, and LM test. The main objective of the panel effect test is to select the model 
from the three available models. The first step is to select the best model between the common 
effect model and the fixed effect model using the Chow test. Then, select the best model 
between the fixed effect model and the random effect model using the Hausman test. If 
necessary, the Lagrange Multiplier (LM) test can be used to choose the best model between the 
random effect model and the common effect model. Below are the results of the panel effect 
test: 

 
Table 6. Panel Effect Test 

IPM Category Test Statistic Probability Selected 
Model 

Conclusion 

All 
Districts/Cities 

Chow Test Cross-section Chi-
square 

0.0000 FEM FEM 
Selected 

 Hausman 
Test 

Cross-section 
random 

0.0000 FEM  

Very High Chow Test Cross-section Chi-
square 

0.0000 FEM FEM 
Selected 

 Hausman 
Test 

Cross-section 
random 

0.0005 FEM  

High Chow Test Cross-section Chi-
square 

0.0000 FEM FEM 
Selected 

 Hausman 
Test 

Cross-section 
random 

0.0000 FEM  

Medium Chow Test Cross-section Chi-
square 

0.0000 FEM FEM 
Selected 

 Hausman 
Test 

Cross-section 
random 

0.0000 FEM  

Low Chow Test Cross-section Chi-
square 

0.0000 FEM CEM 
Selected 

 Hausman 
Test 

Cross-section 
random 

0.1442 REM  

 LM Test Breusch-Pagan 0.0000 CEM  
 
Table 6 shows that for all districts/cities in Indonesia, the probability value for the cross-

section chi-square test is 0.0000, so the fixed effect model is selected. Next, the cross-section 
random value is 0.0000, so the fixed effect model is chosen. This means that for all 
districts/cities, the selected and best model is the fixed effect model. For districts/cities in the 
Very High IPM category, the probability value for the cross-section chi-square test is 0.0000, 
so the fixed effect model is selected. Next, the cross-section random value is 0.0005, so the 
fixed effect model is selected. This means that for districts/cities in the Very High IPM 
category, the selected and best model is the fixed effect model. For districts/cities in the High 
IPM category, the probability value for the cross-section chi-square test is 0.0000, so the fixed 
effect model is selected. Next, the cross-section random value is 0.0000, so the fixed effect 
model is selected. This means that for districts/cities in the High IPM category, the selected 
and best model is the fixed effect model. For districts/cities in the Medium IPM category, the 
probability value for the cross-section chi-square test is 0.0000, so the fixed effect model is 
selected. Next, the cross-section random value is 0.0000, so the fixed effect model is selected. 
This means that for districts/cities in the Medium IPM category, the selected and best model is 
the fixed effect model. For districts/cities in the Low IPM category, the probability value for 
the cross-section chi-square test is 0.0000, so the fixed effect model is selected. Next, the cross-
section random value is 0.1442, so the random effect model is selected. Then, the Breusch-
Pagan value is 0.0000, so the common effect model is selected. This means that for 
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districts/cities in the Low IPM category, the selected and best model is the common effect 
model. 
 
Hypothesis Testing 

After the panel effect test is conducted, the research continues with hypothesis testing. 
In hypothesis testing, the researcher interprets the regression coefficients and the regression 
model. At this stage, the researcher examines the influence of independent variables on the 
dependent variable. In the previous section, the best model selection was conducted, which is 
the Fixed Effect Model (FEM) for the entire district/city IPM, Very High IPM category, High 
IPM category, and Medium IPM category. The best model for the Low IPM category is the 
Common Effect Model (CEM). Below are the results of hypothesis testing for each IPM 
category: 

 
Table 7. Fixed Effect Model Test for All Districts/Cities 

Variable Coefficient Probability Conclusion 
C 76.48591 0.0000  
PAD 0.001413 0.0000 Significant 
DAU -0.012487 0.0000 Significant 
DAK 0.002746 0.0000 Significant 
DBH 0.001109 0.0000 Significant 
R-squared 0.982948   
Adjusted R-squared 0.980085   
Prob(F-statistic) 0.000000   

 
Based on the FEM model above, the obtained regression model is: 
IPMit = 76.48591 + 0.001413 PADit - 0.012487 DAUit + 0.002746 DAKit + 0.001109 DBHit  
+ εit 
 

Table 8. Fixed Effect Model Test for Districts/Cities with Very High IPM Category 
Variable Coefficient Probability Conclusion 
C 84.98562 0.0000  
PAD 0.000593 0.0027 Significant 
DAU -0.006821 0.0000 Significant 
DAK 0.003377 0.0003 Significant 
DBH 0.001331 0.0043 Significant 
R-squared 0.864721   
Adjusted R-squared 0.839834   
Prob(F-statistic) 0.000000   

 
Based on the FEM model above, the obtained regression model is: 
IPMit = 84.98562 + 0.000593 PADit - 0.006821 DAUit + 0.003377 DAKit + 0.001109 DBHit  
+ εit 

Table 9. Fixed Effect Model Test for Districts/Cities with High IPM Category 
Variable Coefficient Probability Conclusion 
C 78.00243 0.0000  
PAD 0.002684 0.0000 Significant 
DAU -0.010124 0.0000 Significant 
DAK 0.001695 0.0004 Significant 
DBH 0.000777 0.0000 Significant 
R-squared 0.936163   
Adjusted R-squared 0.925352   
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Prob(F-statistic) 0.000000   
 
Based on the FEM model above, the obtained regression model is: 
 
IPMit = 78.00243 + 0.002684 PADit - 0.010124 DAUit + 0.001695 DAKit + 0.000777 DBHit  
+ εit 

 
Table 10. Fixed Effect Model Test for Districts/Cities with Medium IPM Category 

Variable Coefficient Probability Conclusion 
C 65.40095 0.0000  
PAD 0.005767 0.0000 Significant 
DAU -0.001406 0.0041 Significant 
DAK 0.001280 0.1918 Not Significant 
DBH 0.001616 0.0000 Significant 
R-squared 0.094310   
Adjusted R-squared 0.091939   
Prob(F-statistic) 0.000000   

 
Based on the FEM model above, the obtained regression model is: 
 
IPMit = 65.40095 + 0.005767 PADit - 0.001406 DAUit + 0.001280 DAKit + 0.001616 DBHit  
+ εit 
 

Table 11. Common Effect Model Test for Districts/Cities with Low IPM Category 
Variable Coefficient Probability Conclusion 
C 57.33094 0.0000  
PAD 0.130961 0.0000 Significant 
DAU -0.016025 0.0001 Significant 
DAK -0.002545 0.7990 Not Significant 
DBH 0.014030 0.4685 Not Significant 
R-squared 0.202370   
Adjusted R-squared 0.174383   
Prob(F-statistic) 0.000032   

 
Based on the CEM model above, the obtained regression model is: 
 
IPMit = 57.33094 + 0.130961 PADit - 0.016025DAUit - 0.002545DAKit + 0.014030 DBHit  + 
εit 
 
Coefficient of Determination (Adjusted R-Square) 

Below is the summary of the coefficient of determination from the model testing using 
data for all IPM categories across districts/cities, including Very High, High, Medium, and 
Low IPM categories: 

 
Table 12. Coefficient of Determination 

IPM Category Coefficient of Determination 
All Districts/Cities 0.980085 
Very High 0.839834 
High 0.925352 
Medium 0.091939 
Low 0.174383 
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Table 12 shows that the Adjusted R-Square (R2) value for the IPM data across all 
districts/cities is 0.980085, meaning that the independent variables explain 98% of the 
dependent variable. This implies that the independent variables, namely PAD, DAU, DAK, 
and DBH, are capable of explaining 98% of the behavior of IPM, and the other variables in the 
study only explain 2% of IPM behavior in Indonesia. In districts/cities with a Very High IPM 
category, the R2 value is 0.839834, meaning the independent variables explain 84.98% of the 
dependent variable. This suggests that the independent variables, namely PAD, DAU, DAK, 
and DBH, explain 84.98% of the IPM behavior, and other variables in the study explain only 
15.02% of IPM behavior in districts/cities with a Very High IPM category. In districts/cities 
with a High IPM category, the R2 value is 0.925352, meaning the independent variables 
explain 92.53% of the dependent variable. This indicates that the independent variables, 
namely PAD, DAU, DAK, and DBH, explain 92.53% of the IPM behavior, and other variables 
in the study explain only 7.47% of IPM behavior in districts/cities with a High IPM category. 
In districts/cities with a Medium IPM category, the R2 value is 0.091939, meaning the 
independent variables explain only 9.19% of the dependent variable. This implies that the 
independent variables, namely PAD, DAU, DAK, and DBH, explain only 9.19% of the IPM 
behavior, and other variables in the study explain 90.81% of IPM behavior in districts/cities 
with a Medium IPM category. In districts/cities with a Low IPM category, the R2 value is 
0.174383, meaning the independent variables explain only 17.43% of the dependent variable. 
This suggests that the independent variables, namely PAD, DAU, DAK, and DBH, explain 
only 17.43% of the IPM behavior, and other variables in the study explain 82.57% of IPM 
behavior in districts/cities with a Low IPM category. 
 
Simultaneous Test (F-Test) 
The results of the F-test can be seen from the Prob (F-Statistic) values as follows: 

 
Table 13. Simultaneous Test (F-Test) 

IPM Category Prob (F-Statistic) 
All Districts/Cities 0.000000 
Very High 0.000000 
High 0.000000 
Medium 0.000000 
Low 0.000032 

 
These results indicate that the research model is suitable for use, meaning that at least 

one independent variable has a significant effect on the dependent variable. This suggests that, 
collectively, the independent variables PAD, DAU, DAK, and DBH significantly and linearly 
affect the dependent variable, which is the IPM. 
 
Partial Test (t-Test) 
Hypothesis 1: Regional Original Income (PAD) has a positive effect on the Human 
Development Index (IPM) 

Based on the results of the test, the coefficient for the PAD variable is 0.001413. This 
means that if PAD increases by IDR 1 billion, the IPM will increase by 0.001413 on average. 
The significance value is 0.0000, which indicates that, at a 99% confidence level, there is a 
positive effect of PAD on IPM across all districts/cities in Indonesia. Therefore, it can be 
concluded that H1 is accepted. For districts/cities with a "Very High" IPM category, the 
coefficient for PAD is 0.000593. This means that if PAD increases by IDR 1 billion, the IPM 
will increase by 0.000593 on average. The significance value is 0.0027, which indicates a 
positive effect of PAD on the IPM in districts/cities with a "Very High" IPM category. In 
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districts/cities with a "High" IPM category, the coefficient for PAD is 0.002684. This means 
that if PAD increases by IDR 1 billion, the IPM will increase by 0.002684 on average. The 
significance value is 0.0000, which indicates that, at a 99% confidence level, there is a positive 
effect of PAD on the IPM in districts/cities with a "High" IPM category.For districts/cities with 
a "Medium" IPM category, the coefficient for PAD is 0.005767. This means that if PAD 
increases by IDR 1 billion, the IPM will increase by 0.005767 on average. The significance 
value is 0.0000, indicating a positive effect of PAD on the IPM in districts/cities with a 
"Medium" IPM category. In districts/cities with a "Low" IPM category, the coefficient for PAD 
is 0.130961. This means that if PAD increases by IDR 1 billion, the IPM will increase by 
0.130961 on average. The significance value is 0.0000, which indicates a positive effect of 
PAD on the IPM in districts/cities with a "Low" IPM category. 
 
Hypothesis 2: General Allocation Fund (DAU) has a negative effect on the Human 
Development Index (IPM) 

Based on the results of the test, the coefficient for the DAU variable is -0.012487. This 
means that if DAU increases by IDR 1 billion, the IPM will decrease by 0.012487 on average. 
The significance value is 0.0000, which indicates that, at a 99% confidence level, there is a 
negative effect of DAU on IPM across all districts/cities in Indonesia. Therefore, it can be 
concluded that H2 is rejected. For districts/cities with a "Very High" IPM category, the 
coefficient for DAU is -0.006821. This means that if DAU increases by IDR 1 billion, the IPM 
will decrease by 0.006821 on average. The significance value is 0.0000, which indicates a 
negative effect of DAU on the IPM in districts/cities with a "Very High" IPM category. In 
districts/cities with a "High" IPM category, the coefficient for DAU is -0.010124. This means 
that if DAU increases by IDR 1 billion, the IPM will decrease by 0.010124 on average. The 
significance value is 0.0000, which indicates that, at a 99% confidence level, there is a negative 
effect of DAU on the IPM in districts/cities with a "High" IPM category. For districts/cities 
with a "Medium" IPM category, the coefficient for DAU is -0.001406. This means that if DAU 
increases by IDR 1 billion, the IPM will decrease by 0.001406 on average. The significance 
value is 0.0041, which indicates a negative effect of DAU on the IPM in districts/cities with a 
"Medium" IPM category. In districts/cities with a "Low" IPM category, the coefficient for 
DAU is -0.016025. This means that if DAU increases by IDR 1 billion, the IPM will decrease 
by 0.016025 on average. The significance value is 0.0001, which indicates that, at a 99% 
confidence level, there is a negative effect of DAU on the IPM in districts/cities with a "Low" 
IPM category. 
 
Hypothesis 3: Special Allocation Fund (DAK) has a positive effect on the Human 
Development Index (IPM) 

Based on the results of the test, the coefficient for the DAK variable is 0.002746. This 
means that if DAK increases by IDR 1 billion, the IPM will increase by 0.002746 on average. 
The significance value is 0.0000, which indicates that, at a 99% confidence level, there is a 
positive effect of DAK on IPM across all districts/cities in Indonesia. Therefore, it can be 
concluded that H3 is accepted. For districts/cities with a "Very High" IPM category, the 
coefficient for DAK is 0.003377. This means that if DAK increases by IDR 1 billion, the IPM 
will increase by 0.003377 on average. The significance value is 0.0003, which indicates a 
positive effect of DAK on the IPM in districts/cities with a "Very High" IPM category. In 
districts/cities with a "High" IPM category, the coefficient for DAK is 0.001695. This means 
that if DAK increases by IDR 1 billion, the IPM will increase by 0.001695 on average. The 
significance value is 0.0004, which indicates that, at a 99% confidence level, there is a positive 
effect of DAK on the IPM in districts/cities with a "High" IPM category. For districts/cities 
with a "Medium" IPM category, the coefficient for DAK is 0.001280. However, the 
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significance value is 0.1918, which indicates that DAK does not have a significant effect on 
IPM in districts/cities with a "Medium" IPM category. In districts/cities with a "Low" IPM 
category, the coefficient for DAK is -0.002545. However, the significance value is 0.7990, 
which indicates that DAK does not have a significant effect on IPM in districts/cities with a 
"Low" IPM category. 

 
Hypothesis 4: Revenue Sharing Fund (DBH) has a positive effect on the Human 
Development Index (IPM) 

Based on the results of the test, the coefficient for the DBH variable is 0.001109. This 
means that if DBH increases by IDR 1 billion, the IPM will increase by 0.001109 on average. 
The significance value is 0.0000, indicating that, at a 99% confidence level, there is a positive 
effect of DBH on IPM in all districts/cities across Indonesia. Therefore, it can be concluded 
that H4 is accepted. For districts/cities with a "Very High" IPM category, the coefficient for 
DBH is 0.003377. This means that if DBH increases by IDR 1 billion, the IPM will increase 
by 0.003377 on average. The significance value is 0.0003, which indicates a positive effect of 
DBH on IPM in districts/cities with a "Very High" IPM category. In districts/cities with a 
"High" IPM category, the coefficient for DBH is 0.000777. This means that if DBH increases 
by IDR 1 billion, the IPM will increase by 0.000777 on average. The significance value is 
0.0000, indicating that there is a positive effect of DBH on IPM in districts/cities with a "High" 
IPM category. For districts/cities with a "Medium" IPM category, the coefficient for DBH is 
0.001616. This means that if DBH increases by IDR 1 billion, the IPM will increase by 
0.001616 on average. The significance value is 0.0000, indicating that there is a positive effect 
of DBH on IPM in districts/cities with a "Medium" IPM category. In districts/cities with a 
"Low" IPM category, the coefficient for DBH is 0.014030. However, the significance value is 
0.4685, which indicates that DBH does not have a significant effect on IPM in districts/cities 
with a "Low" IPM category. 
 
Discussion 
Positive Effect of Local Revenue (PAD) on Human Development Index (IPM) 

Based on the test results, Local Revenue (PAD) has a significant positive effect on the 
Human Development Index (IPM). This finding is consistent with previous studies conducted 
by (De Fretes, 2017; Maulidi et al., 2023; Melgiana et al., 2020). Compared to other 
independent variables such as the General Allocation Fund (DAU), Specific Allocation Fund 
(DAK), and Revenue Sharing Fund (DBH), PAD has distinct characteristics as it is an organic 
source of income generated within the region. The majority of PAD comes from local taxes 
and regional levies (PDRD), which stem from activities carried out by the local community. 
Therefore, the local population, through the payment of taxes and regional levies, plays a 
significant role in efforts to improve the quality of human development in the region, as 
reflected in the IPM. In the effort to improve IPM in the region, both the central government 
and local governments need to have programs to enhance taxpayer compliance and actively 
pursue efforts to expand local tax revenue by improving data collection on taxable objects and 
subjects that meet the criteria but have not yet been registered in the local tax database 
 
Negative Effect of General Allocation Fund (DAU) on Human Development Index (IPM) 

The test results show that the General Allocation Fund (DAU) has a significant negative 
effect on the Human Development Index (IPM). This finding contradicts some previous studies 
conducted by (Sembiring, 2011) in Semarang City and (Riviando et al., 2019) in the districts 
and cities of West Sumatra Province. However, this result aligns with research by (Sulastri & 
Efendri, 2021) in the districts and cities across the provinces of Kalimantan Island and 
(Sembiring, 2011) in North Sumatra Province. This discrepancy is due to differences in the 
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research samples used in each study. Since the allocation of DAU is a discretionary decision 
of each local government, conditions in each region will differ. The significant negative effect 
of DAU on IPM may be caused by the higher use of DAU for employee expenses rather than 
for technical program spending. This issue is also explained by (Sembiring, 2011; Sulastri & 
Efendri, 2021). Given that DAU is the largest component of transfer income and represents the 
largest portion of regional income, it is unfortunate that such a large amount of funds is not 
allocated for technical programs that can have a significant impact on improving the quality of 
life for local communities. 
 
Positive Effect of Special Allocation Fund (DAK) on Human Development Index (IPM) 

The test results show that the Special Allocation Fund (DAK) has a significant positive 
effect on the Human Development Index (IPM) in all districts/cities across Indonesia, 
districts/cities with a Very High IPM category, and districts/cities with a High IPM category. 
However, for districts/cities with Medium and Low IPM categories, the test results show that 
DAK does not have a significant effect on IPM. The condition where DAK has a significant 
positive effect on IPM is in line with previous studies by (De Fretes, 2017; Maulidi et al., 2023; 
Melgiana et al., 2020; Nashshar & Mulyana, 2022). DAK is characterized as a "bottom-up" 
approach, where local governments propose programs based on urgency and development 
plans. Thus, it can be said that the ability of local governments to plan DAK programs to 
improve community quality is heading in the right direction. In all districts/cities in Indonesia, 
the coefficient value of DAK is the largest in increasing IPM compared to PAD and DBH, 
which is 0.002746. Therefore, both central and local governments need to have a larger DAK 
allocation to enhance IPM nationally. 

The condition where DAK does not have a significant effect on the IPM of districts/cities 
with Medium and Low IPM categories aligns with research by (Irianto et al., 2021) which was 
conducted in districts/cities in West Nusa Tenggara Province, where 80% of districts/cities had 
Medium IPM categories. Given the bottom-up nature of DAK, where program proposals 
originate from the regions, the ability of local governments to identify needs and effectively 
plan development is critical. There may be a bias in the DAK variable, as there are several 
types of DAK designated for specific sectors, and in this research model, they were not 
separated. Meanwhile, in the dependent variable, which is IPM, it is only divided into three 
dimensions: education, health, and expenditure. 
 
Positive Effect of Revenue Sharing Fund (DBH) on Human Development Index (IPM) 

The test results show that the Revenue Sharing Fund (DBH) has a significant positive 
effect on the Human Development Index (IPM) in all districts/cities across Indonesia, 
districts/cities with a Very High IPM category, districts/cities with a High IPM category, and 
districts/cities with a Medium IPM category. However, for districts/cities with a Low IPM 
category, the test results show that DBH does not have a significant effect on IPM. The 
condition where DBH has a significant positive effect aligns with previous studies by (Patadang 
et al., 2021) but does not align with research conducted by (De Fretes, 2017; Sulastri & Efendri, 
2021). Meanwhile, the condition where DBH does not have a significant effect on IPM is in 
line with research by (Asari & Suardana, 2018; Wijaya, 2018). DBH is provided to regions as 
compensation for the utilization of natural resources in those areas. The results of this study 
indicate that if a region has abundant natural resources, the IPM in that region can grow more 
rapidly. 
 
CONCLUSION 

Based on the discussion in the previous chapter, several important conclusions can be 
drawn regarding the influence of various factors on the Human Development Index (IPM) in 
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districts/cities across Indonesia. First, Local Revenue (PAD) has been proven to have a 
significant positive effect on IPM, both in all districts/cities in Indonesia as well as in 
districts/cities categorized under Very High, High, Medium, and Low IPM categories. Second, 
the General Allocation Fund (DAU) shows a significant negative effect on IPM across all 
districts/cities in Indonesia, as well as in districts/cities with Very High, High, Medium, and 
Low IPM categories. Third, the Special Allocation Fund (DAK) has a significant positive effect 
on IPM in all districts/cities in Indonesia, as well as in districts/cities with Very High and High 
IPM categories. However, DAK does not have a significant effect on IPM in districts/cities 
with Medium and Low IPM categories. Fourth, the Revenue Sharing Fund (DBH) also has a 
significant positive effect on IPM in all districts/cities in Indonesia, as well as in districts/cities 
with Very High, High, and Medium IPM categories. However, DBH does not show a 
significant effect on IPM in districts/cities with Low IPM categories. 
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